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Answer Area
ProductCategory, ProductSubcategory and Product must be: | Denormalized into a single product dimension table ¥ j
Added to the model as individual tables
Denormalized by being added to the SalesOrder table
Denormalized into a single product dimension table
The jaining key must be: the unique system generated identifier o
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|'}|;-.. 1 -
VI
L a
IEf#:
Answer Area

ProductCategory, ProductSubcategory and Prodigimust bé&: IE'EPE" ntﬁ'a‘&‘rl‘tq : ;j'l'bduct dimension table '_!

'Added to the model as individual tables
Denormalized by being added to the SalesOrder table
| Denormalized into a single product dimension table
The jaining key must be:  the unique system generated identifier bl
The product name and the date

he upique system generated identifier
! The product category name
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ProductCategory, ProductSubecategory and Prﬂdu&-ﬂ[‘}l‘hﬂ‘t be: | Denormalized into a single product dimension table

The.jom}lr:ey must be:  the unique system generated identifier
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SalesOrderDetail | ModifiedDate . +J.Gohtains the date of an order
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Product Nah@- | ontains a product name
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% | (s0.ModifiedDate) AS orderDate

SELECT CAST
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,P.Name AS ProductName
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A. "@{pipeline().parameters.[parami]}"

B. "@{pipeline().parameters.paraml}"

C. "@{pipeline().parameters.paraml}-

D. "@pipeline(). /35 A —4 . param!"
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To ensure User3 can view all items in Workspace1 and update the tables in DW1, the most appropriate workspace role to assign is the Contributor role. This role allows User3 to:
View all items in Workspace1: The Contributor role provides the ability to view all objects within the workspace, such as data pipelines, warehouses, and other resources.

Update the tables in DW1: The Contributor role allows User3 to modify or update resources within the workspace, including the tables in DW1, assuming that appropriate object-level permissions are
set for the warehouse.
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This role adheres to the principle of least privilege, as it provides the necessary permissions without granting broader administrative rights.
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try:
deltaTable = DeltaTable.forName(spark, target_table)
except Exception:
try:
df_source.write.format('delta').mode('overwrite').saveAsTable(f"{target_table}")
except Exception as e:
print(f':Load for table {target_table} failed with error: {str(e)}’)
raise
return

try:
change_detection_columns = [col for col in df_source.columns if col not i ate_key]

match_condition = ° ".join([f"target.{col ul] f Qn andidate_key])
update_condition = ° juin([“ eu e ca} for col in change_detection_columns]
0

= -
update_expr w n r col in df_source.columns}

merge_operat = deltaTable.alias('target’).merge(
source=df_source.alias('source'),
condition=match_condition

) .whenMatchedUpdate(
condition=update_condition,
set=update_expr

) .whenNotMatchedInsertAll()

merge operation
except Exception as
print(f'Ins

-
M ICIbQSaQILIE} failed with error: {str(e)}")
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Statements Yes No

The target table will always be overwritten. f M O]
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The merge operation will always‘run:

The loading pattern supports both full and incremental loading O
requirements.
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Statements Yes No

The target table will always be overwritten. =) IO

The merge operation will always run. 19]]

\
Ly
-

The loading pattern supperts'both full and incremental loading
requirements.

Explanation:

AMNSWEr Area

Statements Yes No
The target table will always be overwritten. O 1O
The merge operation will always run. O IDT

The loading ﬁterwpermﬂtnd incremental loading e | O

requirements.
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Problem Overview:

Table1 has 2,000 small Parquet files (1 MB each).

Query performance suffers when the table contains numerous small files because the query engine must process each file individually, leading to significant overhead.
Solution:

To improve performance, file compaction is necessary to reduce the number of small files and create larger, optimized files.

Commands and Their Roles:

OPTIMIZE Command:

- Compacts small Parquet files into larger files to improve query performance.

- It supports optional features like V-Order, which organizes data for efficient scanning.

VACUUM Command:

- Removes old, unreferenced data files and metadata from the Delta table.

- Running VACUUM after OPTIMIZE ensures unnecessary files are cleaned up, reducing storage overhead and improving performance.
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A lakehouse is the best option for storing semi-structured data when you need to read it using T-SQL, KQL, and Apache Spark. A lakehouse combines the flexibility of a data lake (which can handle
semi-structured and unstructured data) with the performance features of a data warehouse. It allows data to be written using Apache Spark and can be queried using different technologies such as T-
SQL (for SQL-based querying), KQL (Kusto Query Language for querying), and Apache Spark (for distributed processing). This solution is ideal when dealing with semi-structured data and requiring a
versatile querying approach.
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SELECT
item id as ItemIc

¥ as ItenMame

convert(varcharimax), item_name)
try_cast(iteri_neme az vercheri20))
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sitem_dascription as Itam'.lescr'ipﬁ;

e ¥  as PurchaseDate
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item id as ItemIc
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yitem dascription as Itemdesc rlp;f‘ql

o )

L]
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Explanation:
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S>ELECT
item_id as ItemId

¥  as ItemName

| ,c_cmvert@arn:har(i.’ﬂ}* iterm_name)
[Lconvertivarchar(max), item_name)

,item_description as ItemDescription M}

. T
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as PurchaseDate
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item_type = @itemtype_parameter
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01 df = df.withColumn{"CustomerName”, when((col("Customername”).isNull() | (col("Customertame")=="")),1lit("Unknown")).otherwise(col("CustomerName™)})
02 df = df.withColumn("Username”,split(col("Email”™), "@").getItem(1})

@3 df = df.dropDuplicates(["OrderDate"]).select({col("OrderDate"), year("OrderDate").alias("vear"), ("Customerdame"), ("Username"))

@4 display(df.head(18))
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Statemen‘tﬁ ;'Tl . i

umn with the
Unknown value.

Line 01 will replace all the null and empty values in the(;ﬁ%om@'l@ol
@

Username.

.1
Line 02 will extract the value befnreﬁ@%%d generate a new column named @)

Microsoft

occurrence for ea Sar
;

m Microsoft o

Line 01 will replace all the null and empty values in th togxgame column with the

Line 03 will extragt tﬁﬁ%m the OrderD.. and keep only the first @)

Statements

Lisername.

Line 03 will extract the year v u%—: e OrderDate column and keep only the first
occurrence for each year.

Unknown value. @
Line 02 will extract the value before the @% nd generate a new column named

Explanation:



Statements

Line 01 will replace all the null and empty values inthe CustomerName column with the
Unknown value.

Line 02 will extract the value before the @ character and generate a new column named
Username.

| .
Line 03 will extract th@' valueMt‘ee rOeszonFrt keep only the first
occurrence for each yéan
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—

Column name “°'" Data type
Timestamp Datetime
Geolocation Dynamic
Temperature Decimal
Deviceld Int

SRICIROBXDSRT—24HEENFET,

Column name Data type
Deviceld Int
DeviceName String

EE5DT—TIIZEHERDITNEENTLET,
ROKAL YTty bHBHY FT,

81 Stream

22 extend lat = todecimal(GeoLocation.Latitude), long = todecimal(GeoLocation.Longitude)
@3 | join kind=inner Reference on Deviceld

24 project Timestamp, lat, long, Temperature, DeviceName
es iltensTemperature >= 10

06 5‘--, térfas (With (kind = map)

KQL 7 Tty FOETITHMIDBERZEBT 2LELHY FT,
RRR: D43 —ZF1T02(1ZHBELET,
CHIFBEZHEELTULETH?

A. [ZL

B. MM

EfR:A(QAY FERET D)
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Moving the filter to line 02: Filtering the Stream table before performing the join operation reduces the number of rows that need to be processed during the join. This is an effective optimization
technique for queries involving large datasets.
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JIUANTELY orcer_quantity
Juniteelce wndt_price
LAdXJELE TRXE Pate
RO
Laketousel .orderlives o
TEMER TDIK
Lakenouse? .dje Qushome

Ol ooy s taweT L d C.oustomer_id

sds c gl =g
i rderC ate = ¢ valid = datetime
oyCrderD ate = - Lwale_frov _canstiva -

ciz_z.rrent -1
o srehal iale oo vl h o laleRiorne
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urdertinely order_line_id

Jardorpate order date

raruslnmer ey

O erustnmes id

sduantity orcer_quantity

suniterice wnit_price

. | @xsate tax_rate

=

Lakenousel.orderlines o

MER I0DTK 1’4

Lakenouse2 dif_custome"
ON B.customerid  .customer _id

mablicrosoft -

dde_taanenl =1
— oCrderCate wivalid oo datetime . . I
| oCrderCate » - swval c_frer _catativa-

cis_c.rrent -1
ixﬁ enlsale quiELF_:ﬁ*iimH o |
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Explanation:
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SELECT
orderLineID order_line id
,OrderDate order_date
sCocustomer_key
sC.customer_id
sQuantity order_quantity
sUnitPrice unit_price
sTaxRate tax_rate

FROM
Lakehousel.orderlines o

INNER JOIN
Lakehouse2.dim_customer c

ON o.custemerid = c.customer id

=. Microsoft =

cis_current =1

0.0rderDate > cvalid_to_datetime

cis_current = 1

D.rerate <= vlimateiime
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To identify the failure [

A Teamns activity
An Invoke pipeling activity
An Otfice3650utlook activity

@{"’ﬂlh the failure Oft
& Fail activity
~Anlf canditian activily
| An On failure dependency condition
An On completion dependency condition

To sefd the Aotification: |
A Teams actiity
F_Ar':_lﬁuﬂkﬂ:i@hrg a'-:_tiui_tl,r -
| An DfﬂcalﬁSDu:ln-n_k_a{nw:y

Explanation:

. M ICIO SO‘ft To wdentify the failires © An On failure dependency condition

To send the notification:  An Office3650utiook activity
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iﬁ Authorsales _ CREATE FUNCTION dbo.tvf_rlspredigate(@author AS varchar(56)) No
N

RETURNS TABLE @ N 'S

| 2 AuthorEmail - N " .

Pk— P — WITH f

| 33 Authorsales.AuthorEmail % ;' : e

1 A-IS‘

[ it BLOCK RETURN S %s tve rlspredicate result -

L: R , .

i FILTER

%&ﬁ . =5I\/iicrosoft

AEATE SECURITY POLICY RLSFilter

| i INLINE |

—

| 3 SCHEMABINDING

(e ADD FILTER PREDICATE Security.tvf rlspredicate(AuthorEmail)
| 3 USER_MAME( .

I] o] l

HITH (STATE = ON)

Mitrosoft

CREATE FUNCTION dbo.tvf_rlspregiflat@(@author AS varchar(5e))

RETURNS TABLE

WITH i SCHEMARINDINGY N

AS

RE TURM Eﬁti;T-L As tvf rlspredicate result

M3 Frcven
.

: . LA
Vst 1o e L
i

WHERE ﬁmutlmr* " | # USER_NAME()

WEREATE SECURITY POLICY RLSFilter

— _ " ADD FILTER PREDICATE Security.tvf rlspredicate(AuthorEmail)
|| 32 USER_NAME() _

L —

ON i Aauthorsales

WITH (STATE = ON)

Explanation:
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if Authorsales CREATE FUNCTION dbo.tvf_rlspredicate(@author AS varchar(5e))

i Authoremail RETURNS TABLE

WITH  [SCHEMABINDING

i authorsales.Authoremail

RETU EC LQZ tvf_rlspredicate_result

ERE 3 lUSER_NAMED ]

i INLTNE

5 SCHEMABINDING ﬁg
\ ADD FILTER PREDICATE Securitf.tﬁ_rlspredicate[ghuthanlail)

CREATE SECURITY POLICY RLSFilter

¥ USER NAME(

ON  uthorsales

WITH (STATE = ON)

Eﬁ:ﬁ: 16
7 —%4 AR—X|Z MasterNotebookl & LY &FID Fabric / — k7w 9 ##5E L TLVES, MasterNotebookl [ZIERDI— FNEFNTLVET,



- L

([ “name”: "execute notebook 1",
"path”: "notebook 01",
“timeoutPerCellInSeconds™: 608,
targsT: |

"input value®™: “969"
i

"retry”: 1,

“retryintervalInSeconds™: 3@

bs

| "name": “"execute notebook 2", ;E;ii{“ﬂf]ﬂ;i:f;
“path™: “notebook 82",
"timeoutPerCelllInSeconds™: 408,
cargs: {

"input saalog” 9 "888"
b
"retryi A,
"retpylntervallInseconds™: 3@

{ “name”: "execute notebook 37,
"path”™: "notebook 83",
"timeoutPercCell InSeconds™: 600,
“"args": {

“input value™: "777°
}s
"retry”: 1,

"retryIntervalInSeconds™: 38

4 F
"timeoutInSeconds™: 43200,

"concurrency”: ©
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ETIRE2DDTV2aVEENTIN? TNTNOERIIERRO—BMERLTCVWET T EEDICOE1RA U MEBTEET,
A. Notebook 03 DETICIKEFEZZEZEBMLET,

B. Notebook_03 MEE #HMIEKET S 7 (DAG) EEDEEICEELET,

C. Em3¥EKMES S 7 (DAG) EE%F 3 DDOEMDERIZHEILET,

D. Note book k_02 MEFTIZIKFREFZEZEMLET,



E. Notebook_02 DEE #ERIEKES 5 7 (DAG) EEN—BETICHHLET,
F. BBEETHEZ 3ICERELET,
IFfg: (EfgxRRTLET)

AXNHI7DP-700J[EIREEE (LJPNTest.comigft St DP-700JEHER IC &89 5 Z L IZRIZII B E T ! JPNTest.comld 5 x#HDP-700Ji BRI RESE 121 L £9, JPNTest.com DP-700Ji{ 58 [EIREE X+ S
BiFfisnFEL-, CZTDP-700JEENDTRA FI VO VEFIZCACE T, RERD 7 U £ X _ hitps://www.jpntest.com/shiken/DP-700J-mondaishu 140/, 3 0%7 « R h > > b 4FHIEE|5 1 a0—
F: JPNshiken,
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Workspace1 & V5 &HID Fabric 7—2 ARXR—ZXAHY  ZF Z(ZIE Job1 &LV LHID Apache Spark 3 TEENEFNTUNET,

NTYy G A3 —2y b THORADNENIZH > TULVS Sourcel EWLVSBRID Azure SQL T—EAR—XMNHY F£9,

Job1 ¥ Sourcel DT—RIZTFT IV ERATEDL L LEHRETILENHY FT,

fAIZRIETNETL &£ 557

AFTTLVIROT—E25— Dz A

B.YIRx—CRITFAR—FIVRRIUF

C.HEZVEMA L

D. T—42EEBYS— btz A

Eff:B(aAV FEHEEKT D)

To allow Job1 in Workspace1 to access an Azure SQL database (Source1) with public internet access disabled, you need to create a managed private endpoint. A managed private endpoint is a
secure, private connection that enables services like Fabric (or other Azure services) to access resources such as databases, storage accounts, or other services within a virtual network (VNet) without
requiring public internet access.

This approach maintains the security and integrity of your data while enabling access to the Azure SQL database.

BRE: 18

FCORMBIE . RLSFT A ZRTTH2—EORBED—HTY, —EOMEICIEZENEN, EOONF-BEFXH-THAREDH I MEOBENEEFNTVET BELY ML > TIE, EHOEREN
FETHEELHNE EELLTVVESEELHY FT,

ZDEIaVOBEMICEAEZELE-RIE, TOEBEMICRAZELEETEFRA, ZTDH CNODERIILE 2 —BEREICRTINELA,

Stream & Reference& WV 322D T—TILEETKQALT—ER—XNHY £9, Stream(ZIE, ROBERADR F) =S 0T REENTVET,

Column name' “°P'" Data type
Timestamp Datetime
Geolocation Dynamic
Temperature Decimal
Deviceld Int

SRICEROERDSRBRT—INEENFET,

Column name Data type
Deviceld Int
DeviceName String

ELLDT—TIICLHBERDTNEFNTVET,
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ROKAL VT )ty bAHYFET,
@1 Stream

02 | extend lat = todecimal(GeoLocation.Latitude), long = todecimal(GeoLocation.Longitude)
@3 | join kind=inner Reference on Deviceld

04 | project Timestamp, lat, long, Tenperature, DeviceName

@5 | filter Temperature >= 10 - | FVF = £4

VIICrosort
06 | render scatterchart with.(kind Simap) ' licrosort
KL 7 T ) vy FORTITHIIEHEERET ILENHYET,
fRRE: TRz FEEBELTHERLET,
CNIFEFEZ@EZLTHETH?
A. [FLy
B. L MR
EfE:B(AAV FEHKT D)
Using extend retains all columns in the table, potentially increasing the size of the output unnecessarily.
project is more efficient because it selects only the required columns.

Eﬁ:ﬁ: 19
Lakehouse1 &LV LA /DR EEL Fabric 7—Y AR—ZANHYET , 7—2(F 12D T75 vy bT7—T)LE LT Lakehousel [CHYRAFENET , T—TILICIFUTDINEENTVET,

Name Description
TransactionlD Contains a unique ID for each transaction
Date Contains the date of a transaction
ProductiD Contains a_unique |D.foreacH product

EAEEE Containg @ descriptive attribute that deswmiﬁogh
of éach product

ProductName LContains a unique name for each product

SalesAmount Contains the sales amount of a transaction

T—R&5TA4 AP aVETIIZA—RL RAF—RFX—IEEETEHIFETCT . TN I 5y bT—TILH 5 FactSales & DimProduct& LV 522D T— T ILE/ERL L £9, DimProductDZEE 85 L
F9,

TR EBEBTILENHYET,

DimProduct T—JILIZEHZRE 3 DDIEENTIHN? TAENDEREY ) 12— 3 0D—EERLTWET,

AR ELVEIRIEICT ARSI MG ESINET,

A. Bt

B. #&%

C.H #mh>—

D. S 2H¥ oS avID

E.5tL&£%8

F. &&ID

IEfR: (EffZzRnLET)

In a star schema, the DimProduct table serves as a dimension table that contains descriptive attributes about products. It will provide context for the FactSales table, which contains transactional data.
The following columns should be included in the DimProduct table:
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* ProductName: The ProductName is an important descriptive attribute of the product, which is needed for analysis and reporting in a dimensional model.
* ProductColor: ProductColor is another descriptive attribute of the product. In a star schema, it makes sense to include attributes like color in the dimension table to help categorize products in the

analysis.
* ProductID: ProductID is the primary key for the DimProduct table, which will be used to join the FactSales table to the product dimension. It's essential for uniquely identifying each product in the

model.
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Fabric ZFRALTRD 3 D2DT—2ty FENEBT BFETT,

*T—REy M. ZOT—2ty FEFabriclZBMEN, V—RETRATARF—V I VHEIT—EDEF—%HEFET , —EOFF—IBHT 1HhLHEFEY 197 2EHLFET,

*F—BEy R CDT—E Y MIF NIV T—REEEEAT I EEE LT —ANEENTVET ., T2y ME V—RETRATARX—2 a3 VORTID2O IO ATREYT ZRENHY F
¥ T AERTOCRICIE FARE—FTT—2ty 2 BRELIEET ILODONRFILEDATILOFERANEENET,

*T=AEY R, CDT—FEY FMETAINDRIZEMREINTVET , T2 E—EO0—FShFET , 7 F2ERTOELRTIE B—FTOECRFIZAR—ADOD 1V FOBEBMNMEREINET,
T—A2ty MIERT 574 TLOBEEZRETILENHYET, V) a—2a IR FTHER/DRICINZ A GG S A AABEZERT IVLELNHYET ET—FY FZIDOWLWT ED
EORERERETAIVELAHYEFITHN?2EETAICIEX BEDY 7TEULGA TSI UoFERLTLLESY,

FEIELMBIRSEICTIRA Y BT ESHET,

Answer Area
Dataset1: [ A T-SQL statement hdll|
A Dataflow Gen2 dataflow
A notebook
A T-50L statement
Dataset2: A notebook X

A Dataflow Gen2 dataflow

AT-5QL statement

Dataset3: | A KQL queryset el '
A Dataflow Gen2 dataflow

A KQL gqueryset

A T-SQL statement




Answer Area

Dataset1: | A T-5QL statement b !
A Dataflow Gen2 dataflow

{.-"‘q

V- |':'Tﬂ_j‘n. M '*r"' T l c
-1 UoUI L A T-SQL statement

[i'a_tas.ef,?' A notebook
A Dataflow Gen2 dataflow

A notebook

A T-50L statement

Dataset3; [ A KQL queryset
A Dataflow Gen2 dataflow
A KQL queryset
A T-SQL statement

Explanation:
RNSWEr Area
Dataset1: A T-SQLStatement i
O, G — L Dataset2: A notebook =
Microsott
Dataset3: = A KQL queryset ot
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TWI7AILEREBT DDV ) 12— a3 EHRETILENAHYET, V) a—2a v EBMiBEGEHE-ILENHY ET,
HEZICIMEEDHIRETL L SH?

A T—R3aE—TFI9TAETA5ECT—2/1\ 1 T34

B.OPTIMIZEaA~Y Y F%&ETTH/ —rTvYH

C.VACUUMavZ Y FZ#EFTTH/—rTvY

D. T—RHEIBRT7 IV TAETAEELT 211 T34

EfR: (EfEZzRTLET)

B 22

Tablel E WS KELTF—TILEEL Fabric 7—O AR—ZAAHY T3, Table1 [Z[F 20 BIAAESENATNET,

ORTEICT—F I7ANEERTET—F V—RADBHBYFET, 774K RED I 7AILDERUBRICRE LE-EBOADNSENET,

BT 3774 ERSN-FRATREL, ZOARETable1lTO—FF53T—3 1TS54 & T A4 TEHFETT, UTOREICERT 20— FNN2—VZHETINELAHY ET,
*FHLWOWLO—FEERLET,

*BEOLI—FZHIBRLET,
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V) a1a—2aVEBEOLI—FON—C 3 VEBEYR— T H3RELAHYET,
FEEICHLTEDE S BLHRRIELAHY ETITHN? BE T BHICIE AEEHTEY LA T avEBIRLTLESN,

FEIELMEIRZEICIRA Y A MESHET,
Answer Area

=" Microsoft

BN\ icrosoft

Explanation:

Create new reogrds: § |
\ ~ Full
incremental
Snapshot
Deleted existing records: l - ]

Full

Incremental
|Snapshut

Create peWyetords:

Deleted existing records: l
Full

Incremental
| {Snapshot |



Crisgtes W records: I Incremental bl ]

Deleted existing records:  Snapshot =

=

Microsoft

Eﬁ:ﬁ: 23

JPZIWBRALALADT)OT VR ) 2= 30 8ARY MNDREECFabricT—7 AR—IABHY £9,
A—H =ML OnelakeD T 7 A IILI VR TA—F—MWH AR MNIRDT—REZRBZZENRTERNEVNSISHRENAFELNTINS,
AR FINYRATOneLakeDFAEADIZLET,

OneLakelZa E—andT—2IEATT M ?

A T—437%L

B. ARV MNIRADREFT—F DH

C.ARYMNDRIZEMENT=ZHLWLT—2DH

D. ARV MNIANDFRT—2 ERBFET—2DEA

E.ARNY MNYRIZEMENFEHLOTF—ER—X(IZEBMENE=T—2DH

F#: (FEERTLET)
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Readings £ WS ZRIDT—TILEETL KAL T—E2R—XABHY FET,
iimestamp {EIZE DL\ THITD Meter-Reading [EZFIDITELERT H KAL VT ) 2 BETHILENHYFET, FPRINIHIOY U TLERDRITRLET,

MeterReading |  Timestamp
2024-07-
1500 | 2024-07-30

1 1@ OO0

20p4.07-30
i
1580\ 0000 B

Values ] .
fme | mmMicrosoft e

[ eetora " | filter City “"Cdrl‘:-rl*.'.'. O g .

Value '.ﬁiﬁQ%ﬁ

i3 | lookup L . % = , i
%‘QLIJ "ﬂ%’ revMeterReadling = prev(MeterReading),
. e
: | project 5 - % @Pﬁl’lmeuamp = prev({Timestamp)
S S S o g;ﬁ

Value City, Area, MeterReading, Timestamp, PrevMeterReading, PrevTimestamp
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g areas®
W 1imestas
| by Tiwmestamp
1 .1 ™ 4 »
3 PreyMeterReading = previMeter

Fimestamp )

Fu_ irrf-.. T _--r..--.!_,_-.:,m previ f‘ :
— "f‘?ﬁjﬂ i’ﬁ?‘.@ﬁm‘ﬂ'ﬁ%“)h Timestamp, Prevmeterfeading, Previimestamp

Explanation:
Answer Area - s
Microsoft
| filter City == "Kansas”
| sort | by Timestamp
l| extend Previetierfieading = previMeterReading),
PrevTimestamp =.préviTimestamp)
| project 9 : city, Area, MeterReading, Timestamp, PrevMeterReading, PrevTimestamp
BfE: 25
HLT—ADOHEEZMRTIDENHYET BRRELTEX GEEINDITIEZR/DMRICNMZZBENHY FT,
Az RETL&LIH?

A T—220—%220T—42270—IZHELET,

T I7A—DRT V1= )LEhEEHREERLET,
T—AJO0—DEKEHEBRELET, BENLDITEREEIE IhAJCBRELET,
T—AI0—OBABHERELET, BENLCOTOREHIE 15 ISRELET,
TR 7O0—DOEKSBEHERELET, BENLOTOEH % IMBIICRELET,
Efg: (EfRZRTLET)

The sales data issue can be resolved by configuring incremental refresh for the dataflow. Incremental refresh allows for only the new or changed data to be processed, minimizing the amount of data

m O O W

transferred and improving performance.
The solution specifies that data older than one month never changes, so setting the refresh period to 1 Month is appropriate. This ensures that only the most recent month of data will be refreshed,

reducing unnecessary data transfers.

B 26
storage1 &LV &AM Azure Data Lake Storage Gen2 7 h > k&  storage2 & ULVS RRID Amazon S3 /37y kB Y E9,
RDERIZRT Delta Parquet 77 A ILHAHY F9,

Name Stored in Size Description
ProductFile | storage1 | 50 MB Contains a list of products and their details
TripsFile storage2 | 2 GB Contains one month's worth of taxi trip data
StoreFile storage2 | 25 MB Contains a list of stores and their addresses
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Workspace1 & LV5 & RID Fabric 77— ARXR—ZXNHY La—rhy bDFv vy aMEYMITHE > TULVET , Workspace1 [Z[d Lakehouse1 E WS RRID LA VNI AMEENTNE

9, Lakehousel [CIZLUTDY 3a—rAy bHABHY FT,

Products & LY S 54 %3 D ProductFile ~D>3—+rA v +

Stores & LVS & D StoreFile ~DL 3—khw b

Trips & L\S BI& D TripsFile ~Da—kAhw bk

Ya—rhy D FrvyiabhoRBENSET—RIEATTHA?

A. RITE IEEED H

B.&RHEX T DH

C. RTFDH

D. HGDH

E. B, 55, k1T

EfE:B(AA Y FEHKT D)

When the cache for shortcuts is enabled in Fabric, the data retrieval is governed by the caching behavior, which generally retains data for a specific period after it was last accessed. The data from the
shortcuts will be retrieved from the cache if the data is stored in locations that support caching. Here's a breakdown based on the data's location:

Products: The ProductFile is stored in Azure Data Lake Storage Gen2 (storage1). Since Azure Data Lake is a supported storage system in Fabric and the file is relatively small (50 MB), this data is
most likely cached and can be retrieved from the cache.

Stores: The StoreFile is stored in Amazon S3 (storageZ2), and even though it is stored in a different cloud provider, Fabric can cache data from Amazon S3 if caching is enabled. This data (25 MB) is
likely cached and retrievable.

Trips: The TripsFile is stored in Amazon S3 (storage2) and is significantly larger (2 GB) compared to the other files. While Fabric can cache data from Amazon S3, the larger size of the file (2 GB) may
exceed typical cache sizes or retention windows, causing this file to likely be retrieved directly from the source instead of the cache.

B 27

Workspace1 & V5 &HID Fabric 7—92 ARXR—XABHY £T,

Workspace1 % Azure DevOps E#EB T 2 FETY,

AFNFOT—FFTIF v D—EE LT, deployPipeline1 &LV5 Fabric T 7R A /XA TS5 4 U %&{HERAL T, Workspace! i o ERIREBED T —9 AR—XIZT7 A TLZETFTAA LET, deployPipelinet
[%.Azure DevOps /81 754 oM APIFUHE LZEHRALTEITLET,

Azure DevOps & Fabric D API 22 BT 2LEAH Y FT,

EDRATOREERT HILENHY FTH?

A Y—EXTYTRL

B. Microsoft Entra @ A —H—& & /XX — K

C.YXX—URISAR—LITVFRAVF

D. 7—9 AX—XID

IEfR: (EffzRnLET)

When integrating Azure DevOps with Fabric (Workspace1), using a service principal is the recommended authentication method. A service principal provides a way for applications (such as an Azure
DevOps pipeline) to authenticate and interact with resources securely. It allows Azure DevOps to authenticate API calls to Fabric without requiring direct user credentials. This method is ideal for
automating tasks such as deploying items through a Fabric deployment pipeline.

Eﬁ:ﬁ: 28
FabricD—%- AR—X[Z[&_ Warehouse1l& WNS BEMNH Y 3, Warehouse1(Z[ECustomerE LN S T—T LA H Y £, Customer|ZIEUTDT—2REENTWNVET,
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CustomeriD : mefly _ Phone CreditCard
555.123-
1 John Doe soch | 1234567812345670
> Jae Smith B3987- | 0765432187654320
| 6543
3 Michael | Jokaedd 555'5555:; 1234987654321230
4 Emily. <3 Davis 555'5;23'_ 4321123456789870
5 David Brown 555':;; 5678123498761230

Userl &LV &RITDAER Microsoft Entra 2 —H—M0EY  ZDOEFA—IL 7 F L X[& useri@contoso.com TY
User1IZCustomerT—JILADT I CRAEZFET I HELAHY FT, V) 12— 3 VTl UserthCreditCardF| 7V R TELRNWELSICT IRDELHY T,
COXEEDESICTEBEIEAIRETLLIMN BETSHICE BELY 7THEUGAF TS a3 VEBRLTLESY,
FEEELWLEBIRSCEICTI ARSIV PR EShET,

GRANT SELEC &
Eeq

W Customers(CustomerlD, FirstHame, Lasthame, Phone)

T0 [[U,"r_Efl"l@COﬂ:lﬂﬁ o.com] v
User

I___[ [User1]
. M I C rﬁo‘ft [user1@contoso.com]
1E fi#:

Answer Area

GRANT  SELECT ¥
|ALTER
EXECUTE
{ READ

=I Microsoft ViEW

Customers(CustomerlD, Firsthame, LastName, Phone)

10 [iuseﬂ@mntoso.mm] b
User1

[User1]

[user1@contoso.com]

Explanation:



Answer Area

user1@contoso.com]
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Warehouse1 & WS T 7/NIREEL Fabric 7—I AR—ZABBHBYEST , T—2IE. T—F A TSAEXR MR TR —2 v #FERALTERB Warehousel [TEHARAFENET,
BEDT—2DHEMARLACFELY LFRENIDNEZ EA/DOMY FT,

TOT47I20T)#EFTLTVWSI—YF—DEZFTZEHANT S(21E, Warehousel! #ERTILENHY T,

EDQEL—%FERTILENHY £IH?

A. sys.dm_exec_connections

B. sys.dm_exec_requests

C. queryinsights.long_running_queries

D. queryinsights.frequently_run_queries

E. sys.dm_exec_sessions

EfE:E(QAVMERRKT D)

sys.dm_exec_sessions provides real-time information about all active sessions, including the user, session ID, and status of the session. You can filter on session status to see users actively running
queries.

B 30

Workspace1 & V5 &HID Fabric 77— ARXR—XNHYET K T GitHub S RERM\BLTULET,

Workpace1 T GitHub 2R T 5I2IE, V—RBEEBEZRETIVLELNHYET, 2OV 12— a VIER/MERDORAICHK S BHENHY FF,GitHub ICO—FZE 3w T 5=OICHERERIIMAT
M

AT79vay GFRYEEEAREaDTUY GRRY EEEAH)

B.avTFr oy FRY)EDZIY PRT—2 R GHEIY LEETAH)

C.77vay (GHRYLEZTAADH

D.a T Yy (FHRY ELEZTAA)DH

E#: (EEERTLET)
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AR kNI R & Databasel £V LHID KQL T—2 A—XZE &L Fabric 7—9 AR—ZAHH Y £9, Databasel [ZIXFRDABAEENTNET,
Table1& WS RARIDT—TIL

Table2& LV\S &RIDT—TIL

Policyl & L\ S ARIDEFHAR Y & —

R —1ldTable1M 5 Table2IZT—42 ZFIELET,

UTFIER2OT—2DYTILTT,
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Timestamp Deviceld StreamData
(datetime) (quid) (dynamic)
[
{
81416f30- "index": @,
2024-05-18 60a2-4e75- "aventid”: "719afcae-
12:45:17.16524 | 9b19- be3@-4559-bb5e-
2a84ea®59735 sofeadesdzfe"
}
]
N, e N o R [
IVIICFOSOTT {
bbeedele- ]
ulndexll . E_.
2024-05-18 @2aa-del7- : i
eventid": "782222b2-
12:45:21.76423 | BcBa-
fbcb-43c0-82d6-ecd49a99dbfs
116cdaas58ds2 ]
]
[
717bfe7d- { o e, o
index™:
2024-95-18 Pe5d-498f- 3 A
eventid”: "d5738286-
12:45:23.98642 | 9f21-
Pdada-41f8-8e59-f75e2089310a9
e6Paaf258056 }
]

&L Table1 IS LTROT7Y 3 UvhERITINELIL,

temperature & L\ 5 BRIDEIMEFRA StreamData 5l (2B E L=,

Timestamp DO T—2 BENBFICEBESINFELT:,

Deviceld |DT—2 BN XFH|ICEBINFELT:,

Table2 [ZEMDLa—K&#O— KT 5FETT,

Table1 ii> Table2 [CO—KF&EN5 2 D2DLaA—KRIXENTIT L, TNEFNDEREITZTLHEY ) 1—LavERLET,
FEELWLEBIRSCEICTI ARSIV A EShET,



81a16f3@-

'1nde
60a2-4e75-
2024-05-18 = caz- besa 4559-bbse-s9feadesda2fi”,

B\ icrosoft

2a84ea@59735

"index"™

telperat

2024-05-21 81416f30 eventid" ﬁ %?;‘sé -be3@-4559-bbSe-5werade642f6”,

2024-05-23

81416f30- [ { e“ ﬁ'

T 60a2-4e75- "index": >
9b19- 'event% 10-be30-4559-bbse-59feade642f6"
2a84ea059735 (\ " M - ft
] ;
ICFOSO

D.
Ef#E: (EfEZRTLET)
Changes to Table1 Structure:
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StreamData column: An additional temperature element was added.
Timestamp column: Data type changed from datetime to date.

Deviceld column: Data type changed from guid to string.

Impact of Changes:

Only records that comply with Table2's structure will load.

Records that deviate from Table2's column data types or structure will be rejected.
Record B:

Timestamp: Matches Table2 (datetime format).

Deviceld: Matches Table2 (guid format).

StreamData: Contains only the index and eventid, which matches Table2.
Accepted because it fully matches Table2's structure and data types.
Record D:

Timestamp: Matches Table2 (datetime format).

Deviceld: Matches Table2 (guid format).

StreamData: Matches Table2's structure.

Accepted because it fully matches Table2's structure and data types.

A7 DP-700J I REE [ZJPNTest.comiZ2fit S  DP-700JiRER IC BT B 2 EIZRICI B FET ! JPNTest.com(F S5 & FDP-700J:XERIREE 1=t L £9, JPNTest.com DP-700J5 BB L H S
BiFfisnFEz Lz, CZTDP-7T00JEENDTRA I VO VEFIZANT T, BERD 7 U £ X _ https://www.jpntest.com/shiken/DP-700J-mondaishu  140f8. 3 0%7 « R h > > b B4 E| 50—
F: JPNshiken|

Eﬁ:ﬁ: 32
Fovrakay 7
KQLT—42 RXR—RX Z&ETFabricA N> bNIRARBHY FFT, T—FR—X[Z[ETaxiDatal W3 T—TILAEENTWNET, UL FIETaxiData® T—2 DY > FILTT,

tpep_pickup_datetime
2022-06-
06T11:08:327
2022-06-
06T11:1205Z
2022-06-
06T11:15:00Z
2022-06-
06T11:29:542
2022-06-
06T11:50:50Z

2ODKALY TV #HBEFTHIRENHYET, VY a—>a VIIUTOEREH-IHENDY T,

2 T 1M 1 2I%, RunningTotalAmount % VendorlD T/S—T 4 L 3 VR BT H2LENHY T,

£ 5120 ) Tl payment_type T/S\—T 1 3 L I = tpep_pickup_datetime H 5 K FFE DR DIEZE KT 5 FirstPickupDateTime & WS S EERT H2LENHY £7,

BTN EEDESICETINELVWTETN?RETHICIE BULGEZELVEI—7Y MRSy I LTSV, REEX1E, EHE, FLEE2<FEFRSAGVEENHYFET 20T UOYERT
THIZIE, RAVEDRENN—%F FS9vTF 50 AU O—ILTEI2BENHLIBEENHY FT,

FE ELWLBIRSEICTI RS Y bTEShET,

2022-06-D6711:22:Y 72

2022-00-06T11:20:432

2022-06-06T11:25:32Z

2022-06-0611 #9534

2022-068-06T12:07:242
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&t fow_rank_dense

rii Row_rank_min

i .
i1 Row_window_session

Values Answer Area
i Row_cumsum Statement1: w
TaxiData o

| sorl by vemlorio dasc

G

B

| extend RunningTetalamcunt =

TaxiData 6
| sort by tpep

450, Py

total _amount, VendorID '« prav{VendorIhD))

il

?ﬂ
| extend FirstPick Tine - .

. f
Mepl_pgu[dg:l§,g Jtﬂmﬂt_tfpe 1- prev(payment_type))

Answer Area

1 Row_cumsum

Statement1:

| # Row_rank_dense

3 Row_rank_min

TaxiData

| sort by vendorIC asc

O

| extend RunningTotalamcunt =

[ i1 Row_window_session

Statement2:

TaxibData

| sort by tpep p’

| extend First®ick eTime - FE;

-
i1 Row_cums

o™

me asc,

tamuunt, VendorID '= prav(VendorID))

8
R.diﬂ_;easiun lpe _plckup_datetime, 1F, 9m, payment type !- prev(payment_type))

Explanation:
vaiues Answer Area
i Row_cumsum Statement1:
TaxiData

Row_rank_dense

H

Row_rank_min

Row_window session

| sort by VendorID asc

| extend RunningTotalAmount =

m"‘pﬂs

| sort by tpep Jickup_datetile..e

| extend FirstPickupDateTime =

firken

|_window_session

{t@ﬂt‘ v[ndorm = prev{vendorID))
a

(tm_é:kup_datetm, 1h, ©om, payment_type l= prev(paym

Partition the RunningTotalAmount by VendorlID. - Row_cumsum




The Row_cumsum function computes the cumulative sum of a column while optionally restarting the accumulation based on a condition. In this case, it calculates the cumulative sum of total_amount
for each VendorlD, restarting when the VendorID changes (VendorlD != prev(VendorlD)).

TaxiData

| sort by VendorID asc

| extend RunningTotalAmount = Row cumsum(total amount, VendorID != prev(VendorID))

Create a column FirstPickupDateTime that shows the first value of each hour from tpep_pickup_datetime, partitioned by payment_type - Row_window_session

TaxiData

| sort by tpep pickup_datetime asc, payment_type asc

| extend FirstPickupDateTime = Row_window session(tpep pickup datetime, 1h, ©m, payment_type != prev(payment_type))
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MAR1 has seven entities, each accessible via a different APl endpoint. A ForEach activity is required to iterate over these endpoints to fetch data from each one. It enables dynamic execution of API
calls for each entity.

The Copy data activity is the primary mechanism to extract data from REST APIs and load it into the bronze layer in Delta format. It supports native connectors for REST APIs and Delta, minimizing
development effort.
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To efficiently ingest large data files (500 GB each) into Lakehouse1 with high throughput and trigger the process when a new file is added, a Data pipeline is the most suitable solution. Data pipelines in
Fabric are ideal for orchestrating data movement and can be configured to automatically trigger based on file arrivals or other events. This solution meets both requirements: ingesting the data without
transformations (since you just need to copy the data) and triggering the process when new files are added.
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CREATE TABLE dbo.DimCustomer
CustomerKey VARCHAR(255) NOT NULL,
Name VARCHAR(255) NOT NULL,
Email VARCHAR(255) NOT NULL
): R *Microsoft

Customerkey 31| % DimCustomer T— L DEFXF—E L TERET HIDENHY ET,
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Code Segments

DROP CONSTRAINT PK_DimCustomer

. ADD CONSTRAINT PK_DimCustomer PRIMARY KEY NONCLUSTERED
(Customerkey)

NOT ENFORCED

ALTER TABLE dbo.DimCustomer

. ADD CONSTRAINT PK_DimCustomer PRIMARY KEY CLUSTERED

{Customerikey)

ENFORCED
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1» DROP CONSTRAINT PK_DimCustomer

.« ADD CONSTRAINT PK_DimCustomer PRIMARY KEY NONCLUSTERED
(Customerkey)

ADD CONSTRAINT PK_DimEustomer PRIMARY KEY CLUSTERED
it NOT ENFORCED H (Customerkey)

B e e G e s e e G e mees e e e s e s e e e e G dees pee e

: ALTER TABLE dbo.DimCustomer

0
s* ENFORCED

.. ADD CONSTRAINT PK_DimCustomer PRIMARY KEY CLUSTERED ] 'I
" (customerkKey)

i ENFORCED '

Explanation:

r Area

i DROP CONSTRAINT Px_nim'mr MTCTUS_Q E: ALTER TABLE dbo.DimCustomer

ADD CONSTRAINT PK_DimCustomer PRIMARY KEY NONCLUSTERED s, @ | Y
(Customerkey) sl ,

ADD CONSTRAINT PK_DimCustomer PRIMARY KEY CLUSTERED
NOT ENFORCED " {customerkey)

ALTER TABLE dbo.DimCustomer

ENFORCED

. ADD CONSTRAINT PK_DimCustomer: PRIMARY KEY CLUSTERED
" (Customerkey)

ENFORCED
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The technical requirements specify that:

Medallion layers must be fully populated sequentially (bronze # silver # gold). Each layer must be populated before the next.

If any step fails, the process must notify the data engineers.

Data imports should run simultaneously when possible.

Why Use a Data Pipeline That Calls Other Data Pipelines?

A data pipeline provides a modular and reusable approach to orchestrating the sequential population of medallion layers.

By calling other pipelines, each pipeline can focus on populating a specific layer (bronze, silver, or gold), simplifying development and maintenance.

A parent pipeline can handle:

- Sequential execution of child pipelines.

- Error handling to send email notifications upon failures.

- Parallel execution of tasks where possible (e.g., simultaneous imports into the bronze layer).

Topic 1, Contoso, LtdCase Study

This is a case study. Case studies are not timed separately. You can use as much exam time as you would like to complete each case. However, there may be additional case studies and sections on
this exam. You must manage your time to ensure that you are able to complete all questions included on this exam in the time provided.

To answer the questions included in a case study, you will need to reference information that is provided in the case study. Case studies might contain exhibits and other resources that provide more
information about the scenario that is described in the case study. Each question is independent of the other questions in this case study.

At the end of this case study, a review screen will appear. This screen allows you to review your answers and to make changes before you move to the next section of the exam. After you begin a new
section, you cannot return to this section.

To start the case study

To display the first question in this case study, click the Next button. Use the buttons in the left pane to explore the content of the case study before you answer the questions. Clicking these buttons
displays information such as business requirements, existing environment, and problem statements. If the case study has an All Information tab, note that the information displayed is identical to the
information displayed on the subsequent tabs. When you are ready to answer a question, click the Question button to return to the question.

Overview. Company Overview

Contoso, Ltd. is an online retail company that wants to modernize its analytics platform by moving to Fabric.

The company plans to begin using Fabric for marketing analytics.

Overview. IT Structure

The company's IT department has a team of data analysts and a team of data engineers that use analytics systems.

The data engineers perform the ingestion, transformation, and loading of data. They prefer to use Python or SQL to transform the data.

The data analysts query data and create semantic models and reports. They are qualified to write queries in Power Query and T-SQL.

Existing Environment. Fabric

Contoso has an F64 capacity named Cap1. All Fabric users are allowed to create items.

Contoso has two workspaces named WorkspaceA and WorkspaceB that currently use Pro license mode.

Existing Environment. Source Systems

Contoso has a point of sale (POS) system named POS1 that uses an instance of SQL Server on Azure Virtual Machines in the same Microsoft Entra tenant as Fabric. The host virtual machine is on a
private virtual network that has public access blocked. POS1 contains all the sales transactions that were processed on the company's website.

The company has a software as a service (SaaS) online marketing app named MAR1. MAR1 has seven entities. The entities contain data that relates to email open rates and interaction rates, as well
as website interactions. The data can be exported from MAR1 by calling REST APIs. Each entity has a different endpoint.

Contoso has been using MAR1 for one year. Data from prior years is stored in Parquet files in an Amazon Simple Storage Service (Amazon S3) bucket. There are 12 files that range in size from 300
MB to 900 MB and relate to email interactions.

Existing Environment. Product Data

POS1 contains a product list and related data. The data comes from the following three tables:



Products

ProductCategories

ProductSubcategories

In the data, products are related to product subcategories, and subcategories are related to product categories.

Existing Environment. Azure

Contoso has a Microsoft Entra tenant that has the following mail-enabled security groups:

DataAnalysts: Contains the data analysts

DataEngineers: Contains the data engineers

Contoso has an Azure subscription.

The company has an existing Azure DevOps organization and creates a new project for repositories that relate to Fabric.

Existing Environment. User Problems

The VP of marketing at Contoso requires analysis on the effectiveness of different types of email content. It typically takes a week to manually compile and analyze the data. Contoso wants to reduce
the time to less than one day by using Fabric.

The data engineering team has successfully exported data from MAR1. The team experiences transient connectivity errors, which causes the data exports to fail.
Requirements. Planned Changes

Contoso plans to create the following two lakehouses:

Lakehouse1: Will store both raw and cleansed data from the sources

Lakehouse2: Will serve data in a dimensional model to users for analytical queries Additional items will be added to facilitate data ingestion and transformation.
Contoso plans to use Azure Repos for source control in Fabric.

Requirements. Technical Requirements

The new lakehouses must follow a medallion architecture by using the following three layers: bronze, silver, and gold. There will be extensive data cleansing required to populate the MAR1 data in the
silver layer, including deduplication, the handling of missing values, and the standardizing of capitalization.

Each layer must be fully populated before moving on to the next layer. If any step in populating the lakehouses fails, an email must be sent to the data engineers.
Data imports must run simultaneously, when possible.

The use of email data from the Amazon S3 bucket must meet the following requirements:

Minimize egress costs associated with cross-cloud data access.

Prevent saving a copy of the raw data in the lakehouses.

Items that relate to data ingestion must meet the following requirements:

The items must be source controlled alongside other workspace items.

Ingested data must land in the bronze layer of Lakehouse1 in the Delta format.

No changes other than changes to the file formats must be implemented before the data lands in the bronze layer.

Development effort must be minimized and a built-in connection must be used to import the source data.

In the event of a connectivity error, the ingestion processes must attempt the connection again.

Lakehouses, data pipelines, and notebooks must be stored in WorkspaceA. Semantic models, reports, and dataflows must be stored in WorkspaceB.

Once a week, old files that are no longer referenced by a Delta table log must be removed.

Requirements. Data Transformation

In the POS1 product data, ProductID values are unique. The product dimension in the gold layer must include only active products from product list. Active products are identified by an IsActive value of
1.

Some product categories and subcategories are NOT assigned to any product. They are NOT analytically relevant and must be omitted from the product dimension in the gold layer.
Requirements. Data Security

Security in Fabric must meet the following requirements:



The data engineers must have read and write access to all the lakehouses, including the underlying files.
The data analysts must only have read access to the Delta tables in the gold layer.

The data analysts must NOT have access to the data in the bronze and silver layers.

The data engineers must be able to commit changes to source control in WorkspaceA.
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To identify in which workspace a specific item runs in Monitoring hub, you should view the Location column. This column indicates the workspace where the item is executed. Since you have multiple
workspaces and need to track the execution of items across them, the Location column will show you the exact workspace associated with each item or job execution.
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An eventstream is the best solution for ingesting data from Azure Event Hub into Fabric, while applying filtering logic such as retaining only the events that have a Neighbourhood value of "Chelsea."
Eventstreams in Microsoft Fabric are designed for handling real-time data streams and can apply transformation logic directly on incoming events. In this case, the eventstream can filter events based
on the Neighbourhood field before storing the retained events in a Fabric lakehouse.


https://www.jpnshiken.com/q/68886-6443632/
https://www.jpnshiken.com/q/68886-6443633/

Eventstreams are well-suited for stream processing, such as this case where you need to filter out only specific data (events with a Neighbourhood of "Chelsea") before storing it in the lakehouse.
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Data Analysts' Access Requirements must only have read access to the Delta tables in the gold layer and not have access to the bronze and silver layers.

The gold layer data is typically queried via SQL Endpoints. Granting the Read all SQL Endpoint data permission allows data analysts to query the data using familiar SQL-based tools while restricting
access to the underlying files.
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bike location

| filter neighbourhood == "Sands End"™ and M@ ‘Bikes »= 15

| sort by No_Bikes

| project BikepointID, Street, Neighbourhood, Mo Bikes, No Empty Docks, Timestamp
| project Bikepointip, sgreet) MeigHbdurhood, No Bikes, Mo Empty Docks, Timestamp
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This code does not meet the goal because it uses sort by without specifying the order, which defaults to ascending, but explicitly mentioning asc improves clarity.
Correct code should look like:

bike location -
| filter Neighbourhood == “"Sands End" _an Ht&_B:kea »= 15

| sort by No Bikes asc

| project BikepointID, S,trfeet:r;"';ﬁé"ighﬁourhuﬂd, No_Bikes, No_Empty Docks, Timestamp
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ALTER TABLE Dimfustomer
ALTER COLUMN BirthDate

ADD MASKED WITH (FUNCTION = ‘defaull®

| ‘partial 1900-01-01)'
| ‘random(1900-01-01, 1900-01-01)'

ALTER TABLE DimEuStomen

ALTER COLUME, EMaiYoddress

ADD MASKEOUWITH (FUNCTION = l ‘random (1, "@&", 5)' '! )
| ‘default()
{"email()’
|'partial(1, "@",3)’

random (1, "@", 5)

Microsoft

1F f#&:
Answer Area

%“ 'Microsoft

ALTER COLUMN BirthDate

ADD MASKED WITH (FUNCTIOH = 'defaurl“' ] B
[

‘partial (1900-01-01)’
‘randem(1900-01-01, 1900-01-01)'

ALTER TABLE DimCuSLomer

ALTER“COLUMN Emailaddress

ADOLMASKED WITH (FuNCTION = | ‘random (1, °@", 5)' "'[ )
'default()
‘email()’
‘partial(1, "@" 5)’

Explanation:



ALTER TABLE DimCustomer

ALTER COLUMM BirthDate

ADD MASKED WITH (FUNCTIONHTS | ‘default)

ALTER TABLE DimCustomer

ALTER COLUMN Emalladdress

ADD MASKED WITH (FUNCTION = ‘rangdom 1 '{-'ji"-tj‘}' i i C
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Semantic models in Microsoft Fabric are part of Power Bl datasets and require refreshes to stay updated with the latest data.

Dynamically executing and monitoring the refresh progress requires a tool or approach that integrates with Fabric's capabilities for semantic models.
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