Microsoft.Al-900J.v2021-12-03.q49

HERa— k- Al-900J

RERB - Microsoft Azure Al Fundamentals (Al-900 B & Z&kR)
IR A — Microsoft

EHEREOH 49

N— 300 v2021-12-03

R—YDEEE : 5452

HEENEES : 60130

https://www.jpnshiken.com/shiken/Microsoft.Al-900J.v2021-12-03.949.html

Eﬁ:ﬁ: 1

HE-ORFE AR MLOV B A VB EEY-WEZBZTWET, US4 7 I)LIE, IEL LR
DR MILZBEMIZHEAL DI RXRTOTA TLEERTT ABENHY FT,

SRIFEDEIA TDAIT—  O— FEFERATLIVLENHY EFITM7?

A EEREH

B. 2FE&AI

C.avEa—4—ET3ay

D. BEASENE

FfE:C(aAAV FEEKRT D)

Azure's Computer Vision service gives you access to advanced algorithms that process images
and return information based on the visual features you're interested in. For example, Computer
Vision can determine whether an image contains adult content, find specific brands or objects, or
find human faces.

Reference:

https://docs.microsoft.com/en-us/azure/cognitive-services/computer-vision/overview
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Reference:

https://docs.microsoft.com/en-us/azure/machine-learning/team-data-science-process/create-
features

Eﬁ:ﬁ: 3

K< HZEM FAQDPDF7 7 A ILDHY ET,
FAQIZEDWTEHEREYR— MR TLZERT I2DELHY T,
EDY—EREFESIRETIMN?

A.QnAX —H—

B. T¥X LT

C.avFa—4aEL 3y


https://www.jpnshiken.com/shiken/Microsoft.AI-900J.v2021-12-03.q49.html
https://www.jpnshiken.com/q/13201-1188196/

D. EFE¥EAE (UIS)

IEfR: (EffZzRTLET)

QnA Maker is a cloud-based API service that lets you create a conversational question-and-
answer layer over your existing data. Use it to build a knowledge base by extracting questions
and answers from your semi-structured content, including FAQs, manuals, and documents.
Reference:

https://azure.microsoft.com/en-us/services/cognitive-services/qna-maker/

gﬁ:ﬁ: 4

XETRSIEHICIE, EBFEETEYEA T avEEIRLET,
1E fiz:

Reference:

https://azure.microsoft.com/en-gb/services/cognitive-services/speech-to-text/#features Speech
recognition means Speech to Text. In the above example as a person speaks the words are
converted into text of the same language. Hence Speech to Text also called Speech recognition
is the right answer.

Speech recognition - the ability to detect and interpret spoken input.

Speech synthesis - the ability to generate spoken output.
https://docs.microsoft.com/en-us/learn/modules/recognize-synthesize-speech/1-introduction
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The goal is to produce a trained (fitted) model that generalizes well to new, unknown data. The
fitted model is evaluated using "new" examples from the held-out datasets (validation and test
datasets) to estimate the model's accuracy in classifying new data.
https://en.wikipedia.org/wiki/Training,_validation,_and_test_sets#:~:text=Training%20dataset,- A
%20training%20dataset&text=The%20goal%20is%20t0%20produce,accuracy%20in
%20classifying%20new%20data.
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Press release is a written communication. Speech wouldn't make sense. Plus, the Speech
service doesn't translate languages, it "translates" audio into text, and vice versa.
https://docs.microsoft.com/en-us/learn/modules/translate-text-with-translation-service/2-get-
started-azure
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Reference:
https://docs.microsoft.com/en-us/learn/modules/responsible-ai-principles/4-guiding-principles
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https://docs.microsoft.com/en-us/azure/machine-learning/concept-designer
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You can drag-and-drop datasets and modules onto the canvas.
Reference:


https://www.jpnshiken.com/q/13201-1188201/
https://www.jpnshiken.com/q/13201-1188202/
https://www.jpnshiken.com/q/13201-1188204/

https://docs.microsoft.com/en-us/azure/machine-learning/concept-designer
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Sentiment Analysis is the process of determining whether a piece of writing is positive, negative
or neutral.

Reference:
https://docs.microsoft.com/en-us/azure/architecture/data-guide/technology-choices/natural-
language-processing
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Azure's Computer Vision API includes Optical Character Recognition (OCR) capabilities that
extract printed or handwritten text from images. You can extract text from images, such as photos
of license plates or containers with serial numbers, as well as from documents - invoices, bills,
financial reports, articles, and more.

Reference:


https://www.jpnshiken.com/q/13201-1188205/
https://www.jpnshiken.com/q/13201-1188206/
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https://docs.microsoft.com/en-us/azure/cognitive-services/computer-vision/concept-recognizing-

text
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The None intent is filled with utterances that are outside of your domain.
Reference:
https://docs.microsoft.com/en-us/azure/cognitive-services/LUIS/luis-concept-intent
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Reference:
https://docs.microsoft.com/en-us/azure/cognitive-services/custom-vision-service/overview
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https://www.jpnshiken.com/q/13201-1188209/
https://www.jpnshiken.com/q/13201-1188210/

https://docs.microsoft.com/en-us/azure/bot-service/bot-service-overview-introduction?
view=azure-bot-service-4.0
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Reference:

https://azure.microsoft.com/en-in/blog/microsoft-conversational-ai-tools-enable-developers-to-
build-connect-and-manage-intelligent-bots
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Reference:

https://docs.microsoft.com/en-us/dotnet/machine-learning/resources/tasks
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Reference:
https://docs.microsoft.com/en-us/azure/bot-service/bot-service-manage-channels?view=azure-
bot-service-4.0 All 3 are correct as they are the different channels to connect with a bot Office 365
email - Enable a bot to communicate with users via Office 365 email.

Microsoft Teams - Configure a bot to communicate with users through Microsoft Teams.

Web Chat - Automatically configured for you when you create a bot with the Bot Framework
Service.
https://docs.microsoft.com/en-us/azure/bot-service/bot-service-manage-channels?view=azure-
bot-service-4.0
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Reference:
https://docs.microsoft.com/en-us/azure/machine-learning/studio/evaluate-model-performance
Finding TP is easy. It basically means the value where Predicted and True value is 1 and that is
11 in this case.

False Negative means where true value was 1 but predicted value was 0 and that is 1033 in this
case The confusion matrix shows cases where both the predicted and actual values were 1
(known as true positives) at the top left, and cases where both the predicted and the actual values
were 0 (true negatives) at the bottom right. The other cells show cases where the predicted and
actual values differ (false positives and false negatives).
https://docs.microsoft.com/en-us/learn/modules/create-classification-model-azure-machine-
learning-designer/evaluate-model
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Automatic extraction

Extract question-answer pairs from semi-structured content, including FAQ pages, support
websites, excel files, SharePoint documents, product manuals and policies.

Reference:
https://docs.microsoft.com/en-us/azure/cognitive-services/qnamaker/concepts/content-types
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Reference:
https://docs.microsoft.com/en-us/azure/cognitive-services/custom-vision-service/get-started-build-
detector
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What is a Predicted vs. True chart?

Predicted vs. True shows the relationship between a predicted value and its correlating true value
for a regression problem. This graph can be used to measure performance of a model as the
closer to the y=x line the predicted values are, the better the accuracy of a predictive model.
Reference:
https://docs.microsoft.com/en-us/azure/machine-learning/how-to-understand-automated-m
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First Name, Last Name, Age and Education Level are features. Income range is a label (what you
want to predict). First Name and Last Name are irrelevant in that they have no bearing on income.
Age and Education level are the features you should use.


https://www.jpnshiken.com/q/13201-1188219/
https://www.jpnshiken.com/q/13201-1188220/
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Reference:

https://docs.microsoft.com/en-gb/azure/cognitive-services/text-analytics/overview
https://azure.microsoft.com/en-gb/services/cognitive-services/speech-services/ You can use the
Speech service to transcribe a call to text - Yes we can use Speech to Text API to achieve this
https://docs.microsoft.com/en-us/learn/modules/recognize-synthesize-speech/1-introduction You
can use a speech service to translate the audio of a call to a different language - Yes we can use
Speech translation service to achieve this The Speech service includes the following application
programming interfaces (APIs):

Speech-to-text - used to transcribe speech from an audio source to text format.

Text-to-speech - used to generate spoken audio from a text source.

Speech Translation - used to translate speech in one language to text or speech in another.
https://docs.microsoft.com/en-us/learn/modules/translate-text-with-translation-service/2-get-
started-azure You can use text analytics service to extract key entities from a call transcript -Yes
Text Analytics API helps to achieve this
https://docs.microsoft.com/en-us/learn/modules/analyze-text-with-text-analytics-service/2-get-
started-azure
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Reference:

https://azure.microsoft.com/en-us/services/machine-learning/automatedml/#features
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Reference:

https://docs.microsoft.com/en-us/azure/cognitive-services/custom-vision-service/getting-started-
build-a-classifier
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Reference:
https://docs.microsoft.com/en-us/azure/machine-learning/concept-designer#deploy
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Inclusiveness: At Microsoft, we firmly believe everyone should benefit from intelligent technology,
meaning it must incorporate and address a broad range of human needs and experiences. For
the 1 billion people with disabilities around the world, Al technologies can be a game-changer.
Reference:
https://docs.microsoft.com/en-us/learn/modules/responsible-ai-principles/4-guiding-principles
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Object detection is similar to tagging, but the API returns the bounding box coordinates (in pixels)
for each object found. For example, if an image contains a dog, cat and person, the Detect
operation will list those objects together with their coordinates in the image. You can use this
functionality to process the relationships between the objects in an image. It also lets you
determine whether there are multiple instances of the same tag in an image.

The Detect API applies tags based on the objects or living things identified in the image. There is
currently no formal relationship between the tagging taxonomy and the object detection
taxonomy. At a conceptual level, the Detect API only finds objects and living things, while the Tag
API can also include contextual terms like "indoor", which can't be localized with bounding boxes.
Reference:
https://docs.microsoft.com/en-us/azure/cognitive-services/computer-vision/concept-object-
detection
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Reference:
https://docs.microsoft.com/en-us/learn/modules/responsible-ai-principles/4-guiding-principles
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Reference:
https://azure.microsoft.com/en-gb/services/cognitive-services/speech-to-text/#features

BfE: 36

AzureTFrw bRy kYY) a—2a U ZRELTULET,

A—HY—DERZHMT HICE ENDY—EREFERITIBENHYEITMN?

A. Translator Text

B. QnA Maker

C. Speech

D. Language Understanding (LUIS)

IEfE: (EfEZRRLET)

Language Understanding (LUIS) is a cloud-based API service that applies custom machine-
learning intelligence to a user's conversational, natural language text to predict overall meaning,
and pull out relevant, detailed information.

Design your LUIS model with categories of user intentions called intents. Each intent needs
examples of user utterances. Each utterance can provide data that needs to be extracted with
machine-learning entities.

Reference:

https://docs.microsoft.com/en-us/azure/cognitive-services/luis/what-is-luis
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https://www.jpnshiken.com/q/13201-1188230/
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https://www.jpnshiken.com/q/13201-1188232/

A: R-squared (R2), or Coefficient of determination represents the predictive power of the model
as a value between -inf and 1.00. 1.00 means there is a perfect fit, and the fit can be arbitrarily
poor so the scores can be negative.

C: RMS-loss or Root Mean Squared Error (RMSE) (also called Root Mean Square Deviation,
RMSD), measures the difference between values predicted by a model and the values observed
from the environment that is being modeled.

Reference:

https://docs.microsoft.com/en-us/dotnet/machine-learning/resources/metrics

gﬁ:ﬁ: 38

BEARV)2—a EERATES L FVFIE20HYETH? TN TNOERIITEEMAR

RZERRLET,

FE L VEREZENATAIRS U LOBENHY FT,

A TUoXF—Z2FRALTEREICAHEINEZILYDY P H— FESZHRARTBBER

B.—21—XBEDSA TXxvTLavEERTD
REORENOF—TL—XZHET S

D. JLAY—ICBEECHITAVEL— 44— —LDAX Y5V 52—

EfE: (EfEZRRLET)

Azure Text to Speech is a Speech service feature that converts text to lifelike speech.

Reference:

https://azure.microsoft.com/en-in/services/cognitive-services/text-to-speech/
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Reference:
https://docs.microsoft.com/en-us/azure/cognitive-services/qnamaker/how-to/chit-chat-knowledge-
base?tabs=v1
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https://www.jpnshiken.com/q/13201-1188233/
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https://docs.microsoft.com/en-us/dotnet/machine-learning/resources/tasks
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Reference:
https://docs.microsoft.com/en-us/azure/architecture/reference-architectures/ai/conversational-bot
https://docs.microsoft.com/en-us/azure/bot-service/bot-builder-webchat-overview?view=azure-
bot-service-4.0
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Model Explain Ability.

Most businesses run on trust and being able to open the ML "black box" helps build transparency
and trust. In heavily regulated industries like healthcare and banking, it is critical to comply with
regulations and best practices. One key aspect of this is understanding the relationship between
input variables (features) and model output. Knowing both the magnitude and direction of the
impact each feature (feature importance) has on the predicted value helps better understand and
explain the model. With model explain ability, we enable you to understand feature importance as
part of automated ML runs.

Reference:
https://azure.microsoft.com/en-us/blog/new-automated-machine-learning-capabilities-in-azure-
machine-learning-service/
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Reference:
https://azure.microsoft.com/en-gb/services/cognitive-services/form-recognizer/#features
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Reference:
https://docs.microsoft.com/en-us/azure/machine-learning/studio-module-reference/anomaly-
detection
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Reference:
https://docs.microsoft.com/en-us/azure/cloud-adoption-framework/innovate/best-practices/trusted-
ai

https://docs.microsoft.com/en-us/learn/modules/responsible-ai-principles/3-implications-
responsible-ai-practical
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