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Reference:
https://docs.microsoft.com/en-us/learn/modules/responsible-ai-principles/4-guiding-principles

EFuﬁ: 3
ROT—2EY bR HYFET,


https://www.jpnshiken.com/shiken/Microsoft.AI-900J.v2021-02-15.q30.html
https://www.jpnshiken.com/q/8393-949368/
https://www.jpnshiken.com/q/8393-949369/

20.000 = | 5hE55 B Low

23.000 20541 Middle
80,000 87960 High
T—E2ty rE2FERALT EEORXEEMEHATIVEFRATBIETILENL—=2205F B ¢EE%F
SHELTWET,
HEIRAEFE@MEDOHTI) EFARITIN?EEZTSHICIE, AFEETEYGA T a &R
RLZET,
I WLERIZENRENIRAS Y FOBIENHY £9,
Answer Area
Household Income: -
A feature, ,. bt
A label
House Price Category: -
A feature
A label
1F fiZ:
Answer Area
Household Income: -
A label
House Plice Category: v
A feature
| A label

Explanation



Answer Area

Household Income:

Iicrosof

House, Price Category:

A feature

LA label

Box 1: A feature

Box 2: A label

Reference:
https://docs.microsoft.com/en-us/azure/machine-learning/studio/interpret-model-results
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Answer Area

Statements Yes No
TheT alytics sewic?c n identify in which language text is written. O O
_ ICFOSO
The Text Analytics service can detect handwritten signatures in a O O
document.
The Text Analytics service can identify companies and organizations QO O

mentioned in a document.

Answer Area

Statements Yes

The Text Analytics service can identify in whichlanguiage text s written. 10 |

The Text Analytics semnvice can detect handwritten signaturesin a Q
document.

The Text Analytics senvice can identify companies and organizations

mentioned in a document. ; M 1 Cros Of{[

Explanation
Answer Area ; )
Microsoft

Statements Yes No
The Text Analytics service can identify in which laniguage text is written. @ O
The Text Analytics service can detect handwritten signatures in a O @
document.
The Text Analytics service can identify companies and organizations @ @)

mentioned in a document.

The Text Analytics APl is a cloud-based service that provides advanced natural language
processing over raw text, and includes four main functions: sentiment analysis, key phrase
extraction, named entity recognition, and language detection.

Box 1: Yes

You can detect which language the input text is written in and report a single language code for
every document submitted on the request in a wide range of languages, variants, dialects, and



some regional/cultural languages. The language code is paired with a score indicating the
strength of the score.

Box 2: No

Box 3: Yes

Named Entity Recognition: Identify and categorize entities in your text as people, places,
organizations, date/time, quantities, percentages, currencies, and more. Well-known entities are
also recognized and linked to more information on the web.

Reference:

https://docs.microsoft.com/en-us/azure/cognitive-services/text-analytics/overview
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Answer Area

Statements Yes No
You can use the Speech service to transcribe a callto text: O O
You can use the Text Analytics sernvice to extract key entities froma O O
call transcript.
You can use the Speech service to translate the audio of a calltoa O O

different language.
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Answer Area

Statements Yes No
You can use the Speech service to transcribe a calito text. 10 O
You can use the Text Analytics service to extract key entities from a 1 Q| O
call transcript. -
You can use the Speech service to translate the audio ofa calltoa | O ! @)
different language. >3
Explanation
Answer Area

Statements Yes No
You can use the Speech service to transcribe a calito text. o) O
You can use the Text Analytics service o extract key entities froma [O @
call transcript.
You can use the Speech senice to translate the audio ofacalltoa | O

different language.

Reference:
https://docs.microsoft.com/en-gb/azure/cognitive-services/text-analytics/overview
https://azure.microsoft.com/en-gb/services/cognitive-services/speech-services/
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Explanation


https://www.jpnshiken.com/q/8393-949373/

Accelerate your business processes by automating information extraction. Form Recognizer
applies advanced machine learning to accurately extract text, key/value pairs, and tables from
documents. With just a few samples, Form Recognizer tailors its understanding to your
documents, both on-premises and in the cloud.

Turn forms into usable data at a fraction of the time and cost, so you can focus more time acting
on the information rather than compiling it.

Reference:

https://azure.microsoft.com/en-us/services/cognitive-services/form-recognizer/
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Workloads Types Answer Area

e Extracts persons, locations,
Entity recognition Workload Type _aMand urga?nizauons from the text

75 T, 7| Evaluates text along a positive-
negative scale
Retumns text translated to the
specified target language

Key phrase extraction | Workload Type

Language modeling wmcroad T}'DE!

Sentiment analysis

Matural language processing

Translation

Speech recognition and speech synthesis

1E fiz:
Workloads Types AnswerArea . L ;
Microsoft
| Entity recognltaon | Key phrase extractlon Erfg%?gsa%g;ﬁgﬁ s‘ﬁﬁ?ﬁ'?nn(f text
| Key phrase extract[on | Sent;ment analYS!S Eggg,avtgssgféalong oS
I——L— T e e : | Returns text translated to the
anguage modeling | | Translation | specified target language

| Natural Ianguage processmg !

( Translation |

;Speech recognition and speech synthes;su

Explanation



Answer Area

Extracts persons, locations,
. and organizations from the text

: : Evaluates text along a positive-
Sentiment analysis negative scale

Key phrase extraction

_ : ' Returns text translated to the
TranslatioB&S n 1 /'~y s Off specified target language

B e 8 e e ——

Box 1: Key phrase extraction

Broad entity extraction: Identify important concepts in text, including key phrases and named
entities such as people, places, and organizations.

Box 2: Sentiment analysis

Sentiment Analysis is the process of determining whether a piece of writing is positive, negative
or neutral.

Box 3: Translation

Using Microsoft's Translator text API

This versatile API from Microsoft can be used for the following:

Translate text from one language to another.

Transliterate text from one script to another.

Detecting language of the input text.

Find alternate translations to specific text.

Determine the sentence length.

Reference:

https://azure.microsoft.com/en-us/services/cognitive-services/text-analytics
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Learning Types Answer Area f ' >
A B R
[ I oS = [ — - ~ 1 Predict nowmany minutes late a flight will arrive basen on the
_Classnﬁcatlon ‘ . Leaming Type | amount of snowfall at an airpoint.
[ Clustering ] - “.71._Segment customers into different groups to support a marketing
- _ | Leausng Tipe _.__J department.
| Regression | : -

Learning Type Predict whether a student will complete a university course.

The interactive answering of questions entered by a user as part of

an application is an example of v
anomaly detection.

computer vision.

forecasting.. . £+

Explanation

Box 1: Regression

In the most basic sense, regression refers to prediction of a numeric target.

Linear regression attempts to establish a linear relationship between one or more independent
variables and a numeric outcome, or dependent variable.

You use this module to define a linear regression method, and then train a model using a labeled
dataset. The trained model can then be used to make predictions.

Box 2: Classification

Classification is a machine learning method that uses data to determine the category, type, or
class of an item or row of data.


https://www.jpnshiken.com/q/8393-949375/

Box 3: Clustering

Clustering, in machine learning, is a method of grouping data points into similar clusters. It is also
called segmentation.

Over the years, many clustering algorithms have been developed. Almost all clustering algorithms
use the features of individual items to find similar items. For example, you might apply clustering
to find similar people by demographics. You might use clustering with text analysis to group
sentences with similar topics or sentiment.

Reference:
https://docs.microsoft.com/en-us/azure/machine-learning/studio-module-reference/linear-
regression

BRE: 10

EEMAITOD LY FTEH BRIEEINNELSY A TIZHEINRRAF v VEBOERIL
SNF-RBEBEGT—2Ey bEFERLET,

BEEEEZFEALC EBEREFANLEL—F BRI BERNOSEIELEMELMS 1 TDREARK
HEYR— T EBELNHY FT,

N EDFA TORBEZDOH T M2

A USRBAYY

B. 7%

C. EF

Eff:B(QAV LEHET D)

B 11

DEOA—RT—RIEfFITIM?

A. BIRICAIFFEELZNESVT 1O —E—2@ANRRTMEFRILET,

B. BEROANBEZSHTL BLL-BOEGEIIL—TILT S
C.BENGCHIGECOHEMICEDODWT HEMBEGEZFERALTHERT IHESHETFET S
D. BEDL—ABFMIZEDVWTHENMNML—REZETTL5DICHNSEHEFRIT S

Ef#: (EfEZRTLET)

Explanation

Classification is a machine learning method that uses data to determine the category, type, or
class of an item or row of data.

Reference:
https://docs.microsoft.com/en-us/azure/machine-learning/algorithm-module-reference/linear-
regression
https://docs.microsoft.com/en-us/azure/machine-learning/studio-module-reference/machine-
learning-initialize-m
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Answer Area

The handling of unusual or missing values provided ta an Al system is a consideration

for the Microsoft - principle for responsible Al
inclusiveness
privacy and security
reliability and safety
transparency
1E fi#:
P =" Mi¢rosoft
While presenting at a conference, your sessianis ranscnbed into sublities for
the audience. This is an example of -
|sentiment analysis. _
{Speech recognilion._
speech synthesis
translation
Explanation

Answer Area

The handling of unusual or missing values provided to"an Al system is a consideration
for the Microsoft w principle for responsible Al.
inclusiveness J

privacy and secuity, )}
reliability and'safety
transpé[én_cy'

Microsoft

Privacy and security.

As Al becomes more prevalent, protecting privacy and securing important personal and business
information is becoming more critical and complex. With Al, privacy and data security issues
require especially close attention because access to data is essential for Al systems to make
accurate and informed predictions and decisions about people. Al systems must comply with
privacy laws that require transparency about the collection, use, and storage of data and mandate
that consumers have appropriate controls to choose how their data is used. At Microsoft, we are
continuing to research privacy and security breakthroughs (see next unit) and invest in robust
compliance processes to ensure that data collected and used by our Al systems is handled
responsibly.

Reference:
https://docs.microsoft.com/en-us/learn/modules/responsible-ai-principles/4-guiding-principles
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Explanation

Azure's Computer Vision service gives you access to advanced algorithms that process images
and return information based on the visual features you're interested in. For example, Computer
Vision can determine whether an image contains adult content, find specific brands or objects, or
find human faces.

Reference:

https://docs.microsoft.com/en-us/azure/cognitive-services/computer-vision/overview
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v

adding and connecting modules.on@ ﬁusual canvas.
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automatically selecting amamr‘ thm to build the most accurate model.
using a code-first ne%ehaak experience.
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While presenting at a conference, your sessionis iranscribed into sublities for

the audience. This is an example of o+ v
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Azu@%ﬂé@ﬁ@fé@ﬁiﬂg designer lets you create.machine learning models b

v
adding and connecting moduleson a Visual canvas. I
— - T -

automatically performing common data preparation tasks.
automatically selecting an algorithm to build the most accurate model.

using a code-first notebook experience.

Reference:
https://docs.microsoft.com/en-us/azure/machine-learning/concept-designer
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Statements Yes No
You can communicate with a bot by using email. O O
You can communicate with a bot by-using Microsoft Teams. O @)
You can commumigate WHEDYRREEE webchat interface. | O O
Efi#:
Statements MictosoOftyes No
You can communicate with a bot by using email. fo} O

You can communicate with a bot by using Microsoft Teams.

-
|

You can communicate with a bot by using a webchat interface. 1O | O




Explanation

Statements Yes No
You can communicate with a bot by using email O O
You can communicate with a bot by using Microsoft Teams O Q
You can communicate with.a bot by using a webchat interface. O O

Reference:
https://docs.microsoft.com/en-us/azure/bot-service/bot-service-manage-channels?view=azure-
bot-service-4.0

Eﬁ:ﬁ: 16

Azure Machine Learning Designer& R L T ##f/S1 TS54 & FLET,

A TSAVEHEET DEOICERTIBENHD2DD/NFA—F—FENTI N ? TR THh
DIEfRIE RRED—EERLTULET,

I DEREERTNIRS O FOBENHY F9,

A ETILA

B. hL—ZVJ TV RSV K

C. &+ —

D.RESTT Y KiRA4 > k

IEfE: (EfEZRRLET)

Explanation

A: The trained model is stored as a Dataset module in the module palette. You can find it under
My Datasets.

Azure Machine Learning designer lets you visually connect datasets and modules on an
interactive canvas to create machine learning models.

D: You can consume a published pipeline in the Published pipelines page. Select a published
pipeline and find the REST endpoint of it.

Reference:
https://docs.microsoft.com/en-us/azure/machine-learning/how-to-run-batch-predictions-designer
https://docs.microsoft.com/en-us/azure/machine-learning/concept-designer
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Answer Area

You can use the v sewvice to train an objéct detectionmodel by using your own images
Computer Vision

Custom Vision
Form Recognizer
Video Indexer

1E fiz:
Answer Area

Statements Yes No
You can use the Speech service to transcribe a cali to text. O

You can use the Text Analytics service to exiract key entities from a
call transcript.

You can use the Speech service to translate the audioof a calltoa | O ! @)
different language.

Explanation

Answer Area

You can use the w service (o train an object detection model by using your own images
Computer Vision

[ Custom Vision

Form Recognizer

Video Indexer

Azure Custom Vision is a cognitive service that lets you build, deploy, and improve your own
image classifiers. An image classifier is an Al service that applies labels (which represent
classes) to images, according to their visual characteristics. Unlike the Computer Vision service,
Custom Vision allows you to specify the labels to apply.


https://www.jpntest.com/shiken/AI-900J-mondaishu

Note: The Custom Vision service uses a machine learning algorithm to apply labels to images.
You, the developer, must submit groups of images that feature and lack the characteristics in
question. You label the images yourself at the time of submission. Then the algorithm trains to
this data and calculates its own accuracy by testing itself on those same images. Once the
algorithm is trained, you can test, retrain, and eventually use it to classify new images according
to the needs of your app. You can also export the model itself for offline use.

Reference:

https://docs.microsoft.com/en-us/azure/cognitive-services/custom-vision-service/home
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Answer Area

Reluming a bounding,box that indicates the location.of a vehicle in an
image is an example of v
image classification.
object'detection

optical character recognizer (OCR).
semantic segmentation.

1E fi#:
Answer Area

Statements Yes No
You can use the Speech service to transcribe a cali to text. 10 O
You can use the Text Analytics service to exiract key entities from a 'l oF O
call transcript. -
You can use the Speech service to translate the audio ofa calltoa | Q ! @)

different language. - -

Explanation



Answer Area

Returning a bounding box that indicates the location of a vehicle in an

Image is an example of v
Image classification.

objeét‘d;é_tection.
optial character recognizer (OCR).

semantic segmentation.

Reference:
https://docs.microsoft.com/en-us/azure/cognitive-services/computer-vision/concept-object-
detection
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Explanation

Object detection is similar to tagging, but the API returns the bounding box coordinates (in pixels)
for each object found. For example, if an image contains a dog, cat and person, the Detect
operation will list those objects together with their coordinates in the image. You can use this
functionality to process the relationships between the objects in an image. It also lets you
determine whether there are multiple instances of the same tag in an image.

The Detect API applies tags based on the objects or living things identified in the image. There is
currently no formal relationship between the tagging taxonomy and the object detection
taxonomy. At a conceptual level, the Detect API only finds objects and living things, while the Tag
API can also include contextual terms like

"indoor", which can't be localized with bounding boxes.

Reference:
https://docs.microsoft.com/en-us/azure/cognitive-services/computer-vision/concept-object-
detection
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Answer Area — M iQ!"OSOft

Statements Yes No

Forecasting housing prices based on historical data is an example of @) O
anomaly detection.

Identifying suspicious sign-ins by looking for deviations from usual patterns O @)
is an example of anomaly detection.

Predicting whether a patient will develop diabetes based on the patient's O @)
medical history is an example.of anomaly detection.

IEfi:

Answer Area Ol ~
m - Microsoft
Statements Yes No

Azure Bot Service and Azure Congnitive Services can be integrated. r_o] O
Azure Bot Service engages with customers in a conversational manner. '__01, O
Azure Bot Service can impart frequently asked questions (FAQ)to question O '13::
and answer sets.

Explanation

““SW"'”‘M icrosoft

Statements

,:,zy
Forecasting housing prices based on historical ggﬁf?g an example of @)

anomaly detection. . »i} 4
Y Qg
\r R,

Identifying suspicious sign-ins by lqpklfg%f‘dewatlons from usual patterns @
Is an example of anomaly detegtion...”

Predicting whether a pat@g@ﬂ develop diabetes based on the patient’s @
medical history is an example of anomaly detection.

Box 1: No



Box 2: Yes

Box 3: Yes

Anomaly detection encompasses many important tasks in machine learning:

Identifying transactions that are potentially fraudulent.

Learning patterns that indicate that a network intrusion has occurred.

Finding abnormal clusters of patients.

Checking values entered into a system.

Reference:
https://docs.microsoft.com/en-us/azure/machine-learning/studio-module-reference/anomaly-
detection
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Explanation

Natural language processing (NLP) is used for tasks such as sentiment analysis, topic detection,
language detection, key phrase extraction, and document categorization.

Sentiment Analysis is the process of determining whether a piece of writing is positive, negative
or neutral.

Reference:
https://docs.microsoft.com/en-us/azure/architecture/data-guide/technology-choices/natural-
language-processing
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Workloads Types Answer Area ] J

Microsoft

Anomaly detection ' Workload Type | Qgﬂaugtl%%%tgg ;:rl;lgt J}?Cﬁgiggr questions
Computer vision | wOrmoad -_;-Ep_e_“ - ] Eﬁtgfggwing whether a photo contains
-Cc;vérsagonal AI_ — ;_VErk-lo _a?l’;;;é-— y | ODrerttgrgn;mJ'gq whether a review is positive
Knowledge mining

Natural Ianguage processing

IF f%:

Workloads Types Answer Area |—] M . _I:
o |

] ol s e v
| Computer vision rﬁt:nu:l;t‘;;;;;n_ —_-__" Egtgrggr?ing whether a photo contains
:-—Cunversati onal Al ﬁ j_Natural laniguage processing EF&%";:?JE” whether a review is positive
(Knowledgeminng ____{ _
| Natural language processing|

Explanation

Answer Area

An automated chat to answer questions
about refunds and exchange

Computer vision Egtgrggwmg whether a photo contains

Conversational Al

ng whether {:eview IS positive

Natural language processing -'. %pc roso

Box 3: Natural language processing

Natural language processing (NLP) is used for tasks such as sentiment analysis, topic detection,
language detection, key phrase extraction, and document categorization.

Reference:
https://docs.microsoft.com/en-us/azure/architecture/data-guide/technology-choices/natural-
language-processing
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Explanation

In Azure Machine Learning, the percentage split is the available technique to split the data. In this
technique, random data of a given percentage will be split to train and test data.

Reference:

https://www.sqlshack.com/prediction-in-azure-machine-learning/
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Explanation

Inclusiveness: At Microsoft, we firmly believe everyone should benefit from intelligent technology,
meaning it must incorporate and address a broad range of human needs and experiences. For
the 1 billion people with disabilities around the world, Al technologies can be a game-changer.
Reference:
https://docs.microsoft.com/en-us/learn/modules/responsible-ai-principles/4-guiding-principles
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API Features Answer Area

Understand how upset a customer is based on the

Eniityrecagniion f Ak Fediia text contained in the support ticket.
Key phrase extraction ‘I_;\Pl TR 2 ¥ ?ulzn?warize important information from the suppor
. icket.
Language detection | AP Feature Extract key dates from the support ticket.
Sentiment analysis —| M E Cros th
1E fiz:
Statements SN ictOsOftYes No
You can communicate with a bot by using email. ,FOJ O
You can communicate with a bot by using Microsoft Teams. | O ! O
You can communicate with a bot by using a webchat interface. 1O | O
Explanation

Answer Area

Understand how upsel a customer is based on the
Sentiment analysis text contained ifi the support ticket

Summarize important information from the suppont
ticket

Entity recognition 1 ¢ [RracHkgydates from the support ticket

Box1: Sentiment analysis

Sentiment Analysis is the process of determining whether a piece of writing is positive, negative
or neutral.

Box 2: Broad entity extraction

Broad entity extraction: Identify important concepts in text, including key Key phrase extraction/
Broad entity extraction: Identify important concepts in text, including key phrases and named
entities such as people, places, and organizations.

Box 3: Entity Recognition

Named Entity Recognition: Identify and categorize entities in your text as people, places,
organizations, date/time, quantities, percentages, currencies, and more. Well-known entities are
also recognized and linked to more information on the web.

Key phrase extraction




Reference:
https://docs.microsoft.com/en-us/azure/architecture/data-guide/technology-choices/natural-
language-processing
https://azure.microsoft.com/en-us/services/cognitive-services/text-analytics
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Reference:
https://docs.microsoft.com/en-us/learn/modules/responsible-ai-principles/4-guiding-principles
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Answer Area

The ability to extract subtetals and totals from a receipt is a capability of the w  selvice.
Custom Vision

Form Recognizer

Ink Recognizer

Text Analytics



https://www.jpnshiken.com/q/8393-949393/
https://www.jpnshiken.com/q/8393-949394/

Answer Area

The ability to @xiract subtotals and fotals from a receipt is a capability of the ¥ Senvice.

Custom Visian

Ink Recognizer

Text Analytics
Explanation

Answer Area

The ability to extract subtotals @nd lotals from a recéiplis a capability of the ¥ semvice
Custom Vision

| Form Recognizer |

Ink Recognizer
Text Analytics

Accelerate your business processes by automating information extraction. Form Recognizer
applies advanced machine learning to accurately extract text, key/value pairs, and tables from
documents. With just a few samples, Form Recognizer tailors its understanding to your
documents, both on-premises and in the cloud.

Turn forms into usable data at a fraction of the time and cost, so you can focus more time acting
on the information rather than compiling it.

Reference:

https://azure.microsoft.com/en-us/services/cognitive-services/form-recognizer/
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Answer Area

Data values that influence the prediction of a model are ealled v
dependant variables.
features.
identifiers.

N labels.

1E fiz:



Answer Area Micros Ori

Data values that influence the prediction of a model age called

dependant vanables

features
identifiers.

Explanation
Answer Area
Data values that influence the prediction of a model are called v
\Jdepengantvarlables
‘0sofit
featﬂrés CroSOft
identifiers.
Llabels.)

In machine learning, if you have labeled data, that means your data is marked up, or annotated,
to show the target, which is the answer you want your machine learning model to predict.

In general, data labeling can refer to tasks that include data tagging, annotation, classification,
moderation, transcription, or processing.

Reference:

https://www.cloudfactory.com/data-labeling-guide
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Answer Area =Microsoft

w+ is used to generate additional features.

Feature engineering
Feature selection
Model evaluation
Model training




1E fiz:

Statements Mictosoftres No
You can communicate with a bot by using email. fo} @)
You can communicate with a bot by using Microsoft Teams. .P_ __' O
You can communicate with a bot by using a webchat interface. 1O, O

Explanation

Answer Area

w s used to generate additional features.

[Feature engineering}

Feature selection
Model evaluation
Model training

Reference:
https://docs.microsoft.com/en-us/azure/machine-learning/team-data-science-process/create-
features

BRHIZAIQ00J T RELE [LIPNTest.comiztt St Al-900JERER IS8T 5 - &ICKRICIL B F

9 ! JPNTest.comld 5 H#TAI-Q00JX BRI RESR Z 1R L £ 97, JPNTest.com Al-900J5XER 1 =B &
FE5EHEINFEL, CZTAIQOOJEEEDTA RISV EFICANET , &FRDT 2
+ X _ https://www.jpntest.com/shiken/Al-900J-mondaishu 825f 3 0%7 4« A h > k453l

#E|5|3— K: JPNshiken|



https://www.jpntest.com/shiken/AI-900J-mondaishu

