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Multimodal search directly enhances the customer experience by allowing them to find
products using various intuitive methods (images, voice, text). This leads to easier product
discovery, higher engagement, and ultimately increased customer satisfaction and
potential sales, which is a primary business benefit.
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In the generative Al landscape, an Al Agent is distinct from a basic chatbot or standard
foundation model because of its ability to act autonomously to execute multi-step
objectives.

The correct definition is an application that learns how to achieve a goal based on inputs
and tools available to it (C). An agent is built around a core Large Language Model (LLM)
which serves as its " brain.

" Given an objective or goal from a user, the agent uses a reasoning loop (such as ReAct)
to evaluate inputs, break the goal into sub-tasks, and call external tools (like APIs, web
search, databases, or calculators) to interact with the external world and accomplish the
task.

* Option A is incorrect because agents are dynamic and action-oriented, not static.

* Option B describes a " Human-in-the-loop " supervisor, not the Al agent itself.

* Option D describes a chat interface or frontend wrapper, which is merely a way to
communicate with an agent, not the definition of the agent ' s functional architecture.
(Reference: Google Cloud ' s official architecture guides for Generative Al define an Agent
as an autonomous software entity driven by an LLM that accepts natural language goals,
breaks them down into executable workflows, and leverages tools to alter states or retrieve
information to satisfy that goal.)
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Document Al APl is specifically designed for intelligent document processing. It uses
machine learning to extract structured data from unstructured documents like scanned
forms and PDFs, even with varying layouts.

This directly addresses the challenge of automating data extraction from loan applications.
Natural Language API focuses on text understanding, Vision Al on image analysis (not
structured extraction from documents), and Dataflow is for data processing pipelines.
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Google Cloud offers a comprehensive suite of services for data ingestion and storage.
Pub/Sub is for streaming data, Cloud Storage for various file types (including
unstructured), and Cloud SQL for relational structured databases. These are fundamental
for gathering diverse data. Gemini is a model, BigQuery is for analysis, and Vertex Al is for
ML platform, not primary data collection tools themselves.
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Vertex Al Search is designed to enable powerful search experiences over an
organization's own data (first- party), external data (third-party), and can leverage Google's
knowledge graph to provide more relevant and accurate responses, especially when
grounding Large Language Models (LLMs). It does not index the entire public web like
Google Search.
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The strategic goal is to boost sales efficiency by shifting the team ' s focus to high-value
activities (relationships and closing deals) by automating repetitive administrative tasks.
Option C directly addresses this goal by leveraging Gen Al ' s core capabilities for text
generation and summarization/analysis:

Drafting emails automates a major time sink for sales reps (a common, repetitive task).
Providing real-time insights automates the labor-intensive research and manual data
analysis required to understand customer needs, giving the rep instant, actionable context.
Options A and D are less direct solutions for improving sales efficiency: Option A is an
expensive, high-risk platform replacement, not an efficiency use case. Option D describes
marketing tasks, which, while related, are not the primary, day-to-day tasks that sales reps
perform to clear their schedules for relationship building.

Therefore, Gen Al ' s most effective role in sales is as a productivity assistant for drafting
and quick research.

(Reference: Google Cloud documentation on sales enablement use cases emphasizes
that Gen Al ' s role is to automate administrative and time-consuming tasks like drafting
outreach messages and synthesizing customer information to enhance seller productivity,
allowing them to focus on revenue-generating activities.)
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A Model Registry (specifically part of Vertex Al Model Registry) is designed precisely for
managing the lifecycle of machine learning models. It provides a centralized repository for
storing, versioning, tracking metadata, and facilitating the deployment of models, which is
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essential for MLOps. Cloud Storage is for raw data, BigQuery for data warehousing, and
Vertex Al Pipelines for workflow orchestration.
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Vertex Al is Google Cloud's unified machine learning platform that provides end-to-end
support for the ML lifecycle, including access to pre-trained models (foundation models),
tools for fine-tuning, deployment, and management of generative Al solutions. BigQuery is
a data warehouse, GKE is for container orchestration, and Cloud Storage is for object
storage; while they might be components used with Vertex Al, they are not the
comprehensive generative Al platform themselves.
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The requirement is to answer questions about the documents and provide summarized
insights without requiring extensive coding expertise. Vertex Al Agent Builder is designed
precisely for creating custom Al agents, often with low-code or no-code capabilities, that
can interact with and process large volumes of information like scientific papers. While
Vertex Al Search could index papers for keyword searches, it doesn't directly answer
questions or provide summarized insights in the same way a generative Al agent built with
Agent Builder could. Gemini for Google Workspace is for collaborative work, not


https://www.jpnshiken.com/q/68930-6452422/
https://www.jpnshiken.com/q/68930-6452423/

specifically for building custom Al agents for document analysis. Vertex Al AutoML is for
training classification models, which is different from answering questions and
summarizing.
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Google Agentspace (or similar agent platforms) is designed to empower employees with
Al-powered assistants that can navigate and interact with enterprise systems, analyze
documents, and automate tasks. This directly leads to improved employee productivity and
more efficient data interaction by leveraging Al to streamline workflows and provide faster
access to information.
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The machine learning approach is determined by the nature of the data available and the
desired output.

Data Available: Customer reviews (input) that are manually tagged with a sentiment
category (output/label).

Desired Output: A model that can classify new, untagged reviews into one of the
predefined categories (positive, negative, or neutral).

This scenario perfectly aligns with the definition of Supervised Learning (D). Supervised
learning is the machine learning paradigm where the model is trained on a labeled dataset-
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a dataset where the input data is explicitly paired with the correct output label. The model
learns a function that maps the input (the review text) to the output (the sentiment tag) and
is then used to predict the label for unseen data.

Unsupervised Learning (B) is used for unlabeled data to find hidden patterns or groupings
(clustering), which is not the goal here.

Reinforcement Learning (C) is used for training an agent through trial and error using a
system of rewards and penalties.

Deep Learning (A) is a type of model (using deep neural networks) that can be used for
supervised learning, but the learning approach required here is definitively supervised.
(Reference: Google ' s training materials on Machine Learning Approaches define
Supervised Learning as training a model using labeled data to make predictions or
classifications for new, unseen inputs. Sentiment analysis is a canonical example of a
supervised learning classification task.)
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Prompt chaining (or conversational memory/context management) is the technique used to
maintain the conversational context. It involves feeding previous turns of a conversation (or
a summary of them) back into the model along with the current user query, allowing the
chatbot to "remember" and reference past interactions for coherent and contextually
relevant responses, especially crucial for tasks like checking account balances that span
multiple turns.
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The bank ' s requirement is for a solution that provides seamless, consistent support
across multiple channels and helps to empower customer support agents and improve
service quality. This describes the need for a comprehensive, end-to-end customer service
infrastructure.

Google Contact Center as a Service (CCaaS) is the full, cloud-native contact center
solution offered by Google Cloud (part of the Customer Engagement Suite). It is
specifically designed to unify customer interactions across various channels (phone, chat,
web messaging) and provides the necessary infrastructure for routing, managing agent
workflows, and ensuring a consistent and secure customer experience at scale.

This solution goes beyond simply automating a chatbot.

While Vertex Al Search (A) can be used as a component within the solution to ground
answers in an internal knowledge base, and Gemini for Google Workspace (B) can boost
individual agent productivity, neither provides the comprehensive multi-channel contact
center infrastructure that the scenario demands. The scale and nature of the problem-
unifying overwhelmed support across channels and empowering agents-requires an
enterprise-grade platform, which is precisely the function of Google Contact Center as a
Service.
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Gemini models are known for their large context windows, making them highly suitable for
processing and summarizing lengthy texts like customer feedback transcripts.
CodeGemma is specialized for code, Imagen for image generation, and Chirp for speech.
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Prompt engineering, especially techniques like few-shot prompting (providing examples of
desired input- output pairs), is crucial for guiding a generative Al model to understand
context and generate relevant, human- like responses. Limiting data or using strict
keyword matching would severely restrict the chatbot ' s conversational ability, and
lowering temperature makes responses less creative, not necessarily more understanding.
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According to Google ' s principles for successful Al adoption, organizations should adopt a
" problem-first " approach to ensure their investments deliver measurable value. The
strategic choice of a use case should always be motivated by a clear business imperative.
Determining the specific business problems and desired outcomes (B) is the foundational
step in any successful Gen Al strategy. Without a well-defined problem (e.g., " reduce
customer response time by 30% " ) and a measurable desired outcome (e.g., " increase
customer satisfaction scores " ), any Al solution runs the risk of being a technology in
search of a purpose, leading to limited adoption or failure to deliver meaningful ROI.
Options A, C, and D are considerations secondary to the initial strategic alignment:
Availability of models (C) only dictates the technical feasibility, not the business value.
Training employees (A) is a resource requirement, not the goal itself.

Model updates (D) is a technical concern related to model longevity, not the primary
strategic driver for use case selection.

The priority is always to align the Al solution with high-value business objectives.
(Reference: Google Cloud Generative Al strategy guidelines state: " A fundamental
principle for successful Al adoption, including generative Al, is to start with clear business
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problems and desired outcomes. Without a well-defined problem, the Al solution might not
deliver meaningful value, regardless of the technology used.
This ' problem-first ' approach is crucial for impactful Al strategy. ")
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TPUs (Tensor Processing Units) are custom-designed hardware accelerators developed
by Google specifically for high-performance machine learning tasks. Their advantage lies
in their architecture, which is optimized for the massively parallel matrix multiplication
operations that form the mathematical backbone of deep learning and large language
models (LLMs).

TPUs excel at parallel processing (C) for training and running machine learning workloads,
allowing computations to be performed simultaneously across numerous cores. This
makes them significantly faster and more efficient than traditional CPUs or even general-
purpose GPUs for tasks like training massive generative models (e.g., Gemini).

TPUs are a core component of the Infrastructure Layer in the Generative Al landscape,
providing the foundational compute resources.

While Google offers very small, specialized TPUs for the edge (like Edge TPU), the
primary, large-scale advantage is in the cloud for accelerating training and inference for
complex ML models.

Options A describes the Edge TPU or Gemini Nano deployment strategy, not the general,
key advantage.
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Options B and D misrepresent the function, as TPUs are compute hardware, not storage
accelerators or general-purpose CPU replacements.

(Reference: Google ' s training materials on the Generative Al Infrastructure Layer
explicitly list TPUs and GPUs as the physical hardware components providing the core
computing resources needed for generative Al, with TPUs being specialized for
accelerating ML workloads and parallel processing.)
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The primary purpose of RAG is to address the "knowledge cutoff" and hallucination issues
of LLMs. It does this by retrieving relevant, up-to-date information from external knowledge
sources (like databases or documents) at inference time and then using this retrieved
information to ground the LLM's generation, ensuring factual accuracy and relevance to
the specific query.
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Given the tasks involve researching threats and creating detection rules, the most
appropriate and specialized agent would be a Security agent. This type of agent would be
pre-configured or easily adaptable to understand security-specific contexts, data, and
actions within a CISQO's domain.



https://www.jpnshiken.com/q/68930-6452432/
https://www.jpnshiken.com/q/68930-6452433/

B 20

R Al TR EE L TOD Google Cloud D4 EIFEITI M2

A. Google Cloud [ #HVOEEDA —/N\—~y FEREL LA TLICEEMA A
I—JxUhERELET,

B. Google Cloud &  #&GML Ty TT—hrETS Y b T+ —LLKDBLEWLVEEIZEK Y
A/ R= 3 VFEARICT DA T7—RANMIERZBEVWTWET,

C. Google Cloud [ T RTODERM Al ETILET—ENTLIZRESA SEHY bT—
IDLRBESNTWAIEZRIALET,

D. Google Cloud I, £Fa ) T4 EDA Y v FERKRIZEH DS -HIZ HBEOI O—X
FY—XAI74/820—%#FRALTWLWET,

EfE:B(AAV FEHKT D)

Google Cloud emphasizes an Al-first approach, integrating Al capabilities across its
services and consistently innovating with new models and features. While security is a high
priority, fully autonomous Al agents requiring zero configuration are generally not the norm,
and " completely secured and isolated from external networks " is an oversimplification of
cloud security models. Google also contributes to and supports open- source Al initiatives,
not solely relying on proprietary closed-source technologies.
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Google Cloud promotes an open and flexible approach to its Al offerings, supporting open
standards, open-source initiatives (like TensorFlow, Kubernetes, and Gemma), and
providing various integration options. This helps alleviate vendor lock-in concerns by giving
customers choice and control over their technology stack.
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Google Agentspace (or similar agent-based frameworks) aims to connect and orchestrate
various Al capabilities and data sources. In a scenario with knowledge silos, a key benefit
would be to enable seamless knowledge sharing and collaboration by allowing agents to
access, process, and disseminate information across different internal systems and teams.
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For summarizing breaking news articles as they emerge online from various global
sources, the generative Al model needs access to current, broad, and rapidly updating
information. Grounding with Google Search allows the LLM to pull in the latest information
from the web, ensuring the summaries are current and comprehensive. While Vertex Al
Natural Language API can summarize text, it wouldn't inherently have access to the latest
breaking news unless explicitly fed.
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This scenario strongly points to the need for accurate and up-to-date information retrieval
from a product catalog. Pre-built RAG (Retrieval-Augmented Generation) combined with
Vertex Al Search is the ideal solution. Vertex Al Search can index the product catalog, and
RAG can then use thisindexed data to ground the responses of a generative Al model,
ensuring that both customer searches and support agent queries retrieve precise and
relevant product information.

Eﬁ:ﬁ: 25

VI bz PHERBF—LIE ERAl genADZEFRALCa—Ts o0 %5%RIEL, VI F
DI7NTARIATEZLYRC))—RALIZWEEBZATWET , F—LAIXAZITRET
L&om7

A.genAl #FRALT BEODI—FZU 7792 ) 0 LTHRELELET,

B.genAl ZEALTI—F X=Xy +ZREL BHZERIEFT,

C.genAl ZEALT a—FOEEMGEFFa1 A2 FZBBIMICERLET,

D.gen Al ZEAL T, a— FADBEMNGNTOEX1) T+ LOMBHERELFET,
EfE: (EfEZRRLET)

While generative Al can assist with all the options listed (refactoring, documentation, bug
identification), its most direct and significant impact on coding faster for a prototype is
through code generation. Suggesting code snippets and completing functions directly
accelerates the writing of new code, enabling quicker prototyping.
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The problem is the existence of Personally Identifiable Information (PIl) within the
customer feedback data, which introduces privacy risks for the development and training of
the generative Al model. The goal is to mitigate these risks before using the data to train
the Al model.

According to Google ' s Responsible Al and data handling best practices, when sensitive
data like Pll is present in a dataset intended for model training, the most critical step to
prioritize is data minimization and privacy protection at the source. This is often achieved
through anonymization or de-identification.

Applying data anonymization techniques (D) directly addresses the risk by removing or
obscuring the sensitive data elements. This prevents the PII from being embedded into the
model ' s parameters during training, thereby eliminating the risk of data leakage or privacy
violations in the Al application ' s outputs.

This is a crucial early step in the ML lifecycle for datasets containing sensitive information.
Option C, implementing access controls, is a necessary security measure but is a reactive
control that protects the raw data; it does not remove the PII risk from the derived model
itself. Option A is a long-term change to data collection but doesn ' t solve the problem for
the existing data. Option B relates to bias and accuracy, not specifically PII risk mitigation.
(Reference: Google Cloud ' s Secure Al Framework (SAIF) and Responsible Al principles
emphasize protecting sensitive data at all stages of the ML lifecycle, with de-identification
being the primary method before training.)
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This scenario perfectly describes reinforcement learning. In reinforcement learning, an
agent learns to make decisions by interacting with an environment, receiving1 rewards for
desirable actions and penalties for undesirable ones,2 and iteratively improving its
behavior through trial and error to maximize cumulative reward.
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Google Cloud often recommends a " top-down " approach for generative Al strategy. This
means starting with clear business objectives and leadership alignment on how generative
Al can solve critical business problems, rather than simply experimenting from the bottom
up without a clear strategic direction.

BfE: 29

HEIRENAIT -V FEFESTVKDOMDFIRIEBEMELIZVEBZTLET A
I—2xV bOBRARGHREZLEBICEZLTEL LV VEBATHET , Dz RrL—2 3
SAIDXARIZE T BAIT—2 Y FOBBEIXATL &L S M?

A.gen Al ETILD FL—Z VT EETICREBELGHEY YV —RZRELET,

B.gen Al ETILD FL—Z=VJ ERTITHERSNIKRABRLT -2y FERES LU
FELET,

C.gen Al ETILEXREET B=DDAI—HF—T LU R —HA U3 —Tx—RERHLE
ER

D. RRZHAHL EROY—ILEZFERAL T BEHNLTABIZEIANZREELETICIHER
[CEDWVEEBEBRREZITVET,

IEfE: (EfEZRRLET)

An Al agent, especially in the context of generative Al, is designed to be more autonomous
and capable than a simple model. Its function is to understand a goal, analyze a situation,
leverage various tools (including other generative Al models or external APls), and make
decisions or take actions to achieve that goal, often with minimal human intervention.
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Safety settings in generative Al models are specifically designed to prevent the generation
of content that could be harmful, offensive, or inappropriate. This includes filtering for
categories like hate speech, sexually explicit content, self-harm, and violence, based on
predefined thresholds. Options A, B, and D refer to other parameters like
max_output_tokens or temperature, which control output length, input/output processing,
and creativity, respectively, not safety.

B 31

HAHEHE BELOPYRYDERZEEL, LK HIMEZHE L BEEORFEZATE
L.BEIFrYy bRy MIKBPOURY ESATI—V D MIELDYR—FOEMAZE
CT.2RHLGAREII—IVRAR)IVREZRALLIEZWEEZATVWEY, BRFOREE
T—RAERHLTERAMGBEDRRA VT YD VR E/ONDY—ILHARBET

¥ ,Google hRAX— I UHF—DAV N RAA—bDEDaAVR—FR U R, ZHD=Z—X
[CRBBELTULETM?

A.Google Cloud A>3 9 b o2 —H—EX

B.I—Yx 7V R B

C.&fEI—YzUh

D. R DR

EfE:D(QAAV FEHEKT D)

The requirement is clearly focused on analytics and business intelligence derived from
existing conversational data, specifically to understand trends and sentiment.
Conversational Insights is the dedicated component within Google's Customer
Engagement Suite (which includes Contact Center Al) whose primary function is to
analyze large volumes of interaction data (transcripts from chat, calls, etc.). It uses Al and
Natural Language Processing (NLP) to extract valuable patterns, identify root causes of
issues, and measure customer sentiment and agent performance. This analysis generates
the actionable insights necessary for strategic planning and overall customer experience
improvement.

Google Cloud Contact Center as a Service (CCaaS) (A) is the full platform for managing all
channels and agents, but it's the system, not the analytical tool.

Agent Assist (B) is a real-time tool used by live agents for suggestions during a
conversation; it is a productivity tool, not a retrospective analytics tool.

Conversational Agents (C) are the chatbots or virtual assistants used for automation, not
the tool for analyzing their performance and the raw data.
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(Reference: Google Cloud documentation on the Customer Engagement Suite states that
Conversational Insights is the tool used for conversational analytics to surface business
intelligence from historical customer interaction data, including sentiment and trend
analysis.)
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The objective is to make the generated summaries concise-that is, to control their length.
In the configuration of a generative Al model, particularly a large language model (LLM),
the parameter used to directly control the maximum size of the response is the Output
Length parameter (often referred to as max_output_tokens or max_tokens). By setting a
low limit on this parameter, the team can ensure that the model is forced to terminate its
response once that limit is reached, resulting in a shorter, more concise summary that is "
easy to digest, " as requested.

The other parameters control different aspects of the output quality:

Temperature (C) controls the creativity or randomness of the output. Lowering it makes the
output more predictable; raising it makes it more diverse. It does not control length.
Top-p (A) is a decoding method related to temperature that also controls the model ' s
creativity by limiting the vocabulary from which it can choose the next token. It does not
control length.

Safety settings (B) are used to filter and block the generation of harmful, illegal, or
inappropriate content.

They do not affect the length or conciseness of the output.
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(Reference: Google Cloud ' s Generative Al documentation on model parameters explicitly
lists max_output_tokens or Output Length as the setting used to determine the maximum
size of a model ' s generated response.)
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To ensure fairness and build trust, especially in sensitive areas like job applications,
transparency in how Al evaluates applications and uses data is paramount. This involves
understanding potential biases, explaining decisions (where possible), and ensuring
human oversight.
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Gemma is Google's family of lightweight, state-of-the-art open models, built from the same
research and technology used to create the Gemini3 models. They are designed for
developers to build innovative Al applications on their local machines or in the cloud,
offering a balance of performance and efficiency suitable for limited hardware and rapid
prototyping. Veo is for video generation, Gemini is typically larger and more general-
purpose, and Imagen is for image generation.
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