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The VACUUM command is used to remove files that are no longer referenced by a Delta table
and are older than the retention threshold1. The default retention period is 7 days2, but it can be
changed by setting the delta.logRetentionDuration and delta.deletedFileRetentionDuration
configurations3. If the VACUUM command was run on the table with a retention period shorter
than 3 days, then the data files that were needed to restore the table to a 3-day-old version would
have been deleted. The other commands do not delete data files from the table. The TIME
TRAVEL command is used to query a historical version of the table4. The DELETE HISTORY
command is not a valid command in Delta Lake. The OPTIMIZE command is used to improve the
performance of the table by compacting small files into larger ones5. The HISTORY command is
used to retrieve information about the operations performed on the table. References: 1:
VACUUM | Databricks on AWS 2: Work with Delta Lake table history | Databricks on AWS 3:
[Delta Lake configuration

| Databricks on AWS] 4: Work with Delta Lake table history - Azure Databricks 5: [OPTIMIZE |
Databricks on AWS] : [HISTORY | Databricks on AWS]
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In the given command, a data engineer is trying to create a table in Databricks using data from an
SQLite database. The correct option to fill in the blank is "sqlite" because it specifies the type of
database being connected to in a JDBC connection string. The USING clause should be followed
by the format of the data, and since we are connecting to an SQLite database, "sqlite" would be
appropriate here. References:

* Create a table using JDBC

* JDBC connection string

* SQLite JDBC driver
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When migrating to Delta Live Tables (DLT) with a data pipeline that involves different
programming languages across various data layers, the migration does not require unifying the
pipeline into a single language. Delta Live Tables support multi-language pipelines, allowing data
engineers and data analysts to work in their preferred languages, such as Python for data
engineering tasks (raw, bronze, and silver layers) and SQL for data analytics tasks (gold layer).
This capability is particularly beneficial in collaborative settings and leverages the strengths of
each language for different stages of data processing.

References:Databricks documentation on Delta Live Tables: Delta Live Tables Guide
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A. region_sales =
sales_df.groupBy("region").agg(sum("sales_amountM).alias("total_sales_amount"))

B. #5555 £ - sales_df.agg(sum("sales_amount").groupBy("region").alias("total sales amount"))
C. region_sales = sales_df. sum ("sale_aiTiount") .

groupBy("region") .alias("total_sale3_amount")

D. region_sales=
sales_df.groupBy("category").sum(nsales_amount").alias("t_otal _sales_amounl")
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Delta Live Tables is a declarative framework for building reliable, maintainable, and testable data
processing pipelines. You define the transformations to perform on your data and Delta Live
Tables manages task orchestration, cluster management, monitoring, data quality, and error
handling. Delta Live Tables supports both SQL and Python as the languages for defining your
datasets and expectations. Delta Live Tables also supports both streaming and batch sources,
and can handle both append-only and upsert data patterns. Delta Live Tables follows the
medallion lakehouse architecture, which consists of three layers of data: bronze, silver, and gold.
Therefore, migrating to Delta Live Tables does not require any of the changes listed in the options
B, C, D, or E. The data engineer and data analyst can use the same languages, sources, and
architecture as before, and simply declare their datasets and expectations using Delta Live
Tables syntax. References:

* What is Delta Live Tables?

* Transform data with Delta Live Tables

* What is the medallion lakehouse architecture?
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In Databricks, you can use different languages within the same notebook by using magic
commands. Magic commands are special commands that start with a percentage sign (%) and
allow you to change the behavior of the cell. To use SQL within a cell of a Python notebook, you
can add %sq|l to the first line of the cell. This will tell Databricks to interpret the rest of the cell as
SQL code and execute it against the default database.

You can also specify a different database by using the USE statement. The result of the SQL
query will be displayed as a table or a chart, depending on the output mode. You can also assign
the result to a Python variable by using the -0 option. For example, %sql -o df SELECT * FROM
my_table will run the SQL query and store the result as a pandas DataFrame in the Python
variable df. Option A is incorrect, as it is possible to use SQL in a Python notebook using magic
commands. Option B is incorrect, as attaching the cell to a SQL endpoint is not necessary and
will not change the language of the cell. Option C is incorrect, as simply writing SQL syntax in the
cell will result in a syntax error, as the cell will still be interpreted as Python code. Option E is
incorrect, as changing the default language of the notebook to SQL will affect all the cells, not just
one. References: Use SQL in Notebooks - Knowledge Base - Noteable, [SQL magic commands -
Databricks],

[Databricks SQL Guide - Databricks]

BR:9

N T—TILEERTEHIFT VA ZEHRELET,

T—43 TP =7FIE Parquet Bronze T—JILEERK L ENHNEBDEFTDEFED /AR IZRTE
SNBESITTEIRENHYFET,

DT IVATIXEDT—TILEERTEETH?

A. BN EIBSFTOBEDNDNNRAEHE L TS EEXNET—IIL,

B. h 2 O WNERIGFTDIEEND/\REZIETERBEFHRZHEOEET—JI,

C. RX—THNEBGFTDBFEDNNREZIETIHEREEE L TLS9ET—T L,

D. B ERIEFT D ED /AR FIE L TLAHNEST—TIL,

IEfE: (EfgZRTLET)


https://www.jpnshiken.com/q/64443-5885924/
https://www.jpnshiken.com/q/64443-5885925/

B 10

FT—82 T 7L #8HAH D Databricks Notebooks D/N\— 3 VEEEFHT S

M Databricks Repos #FAHALTTAY I rON—Ca Vv BEBEITINERET IHENHY
9,

Databricks Notebooks M/3\—< 3 U EHE & U 4 Databricks Repos #{#FRHT S FIRIETRDENT
IhH?

A. Databricks Repos [FFAFEDEH = BFMICREFLET

B. Databricks Repos [FEHD TSV FOEAEZHR—FLTWET

C. Databricks Repos #f#f3 5 & 12— —(F/ —F TV I DURBIDN—D a3 VICET ZEMNT
=F9,

D. Databricks Repos [XFENERBICK L TOA Y T OMEEFIRBELET

E. Databricks Repos & Databricks Lakehouse 75w b 7+ —LRIZERIZHMSI N TNVET,
EfE: (EfEZRRLET)

Databricks Repos is a visual Git client and API in Databricks that supports common Git
operations such as cloning, committing, pushing, pulling, and branch management. Databricks
Notebooks versioning is a legacy feature that allows users to link notebooks to GitHub
repositories and perform basic Git operations. However, Databricks Notebooks versioning does
not support the use of multiple branches for development work, which is an advantage of using
Databricks Repos. With Databricks Repos, users can create and manage branches for different
features, experiments, or bug fixes, and merge, rebase, or resolve conflicts between them.
Databricks recommends using a separate branch for each notebook and following data science
and engineering code development best practices using Git for version control, collaboration, and
CI/CD. References: Git integration with Databricks Repos - Azure Databricks | Microsoft Learn,
Git version control for notebooks (legacy) | Databricks on AWS, Databricks Repos Is Now
Generally Available - New 'Files' Feature in

..., Databricks Repos - What it is and how we can use it | Adatis.
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A data engineer can create a multi-task job in Databricks that consists of multiple tasks that run in
a specific order. Each task can have one or more dependencies, which are other tasks that must
run before the current task. The Depends On field of a new Databricks Job Task allows the data
engineer to specify the dependencies of the task. The data engineer should select a task in the
Depends On field when they want the new task to run only after the selected task has
successfully completed. This can help the data engineer to create a logical sequence of tasks that
depend on each other's outputs or results. For example, a data engineer can create a multi-task
job that consists of the following tasks:

* Task A: Ingest data from a source using Auto Loader

* Task B: Transform the data using Spark SQL

* Task C: Write the data to a Delta Lake table

* Task D: Analyze the data using Spark ML

* Task E: Visualize the data using Databricks SQL

In this case, the data engineer can set the dependencies of each task as follows:

* Task A: No dependencies

* Task B: Depends on Task A

* Task C: Depends on Task B

* Task D: Depends on Task C

* Task E: Depends on Task D

This way, the data engineer can ensure that each task runs only after the previous task has
successfully completed, and the data flows smoothly from ingestion to visualization.

The other options are incorrect because they do not describe valid scenarios for selecting a task
in the Depends On field. The Depends On field does not affect the following aspects of a task:

* Whether the task needs to be replaced by another task

* Whether the task needs to fail before another task begins

* Whether the task has the same dependency libraries as another task

* Whether the task needs to use as little compute resources as possible References: Create a
multi-task job, Run tasks conditionally in a Databricks job, Databricks Jobs.
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A. trigger(once="5 seconds")

B. trigger("5 seconds")

C. trigger(continuous="5 seconds")

D. trigger(processingTime="5 seconds")
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https://community.databricks.com/t5/data-engineering/sequential-vs-concurrency-optimization-
questions-from-query/td-p/36696
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Data Explorer is a graphical interface that allows you to browse, create, and manage data objects
such as databases, tables, and views in your workspace. You can also review and modify the
permissions on these data objects using Data Explorer. To access Data Explorer, you can click
on the Data icon in the sidebar, or use the %sql magic command in a notebook. You can then
select a database and a table, and click on the Permissions tab to view and edit the access
control lists (ACLs) for the table. You can also use SQL commands such as SHOW GRANT and
GRANT to query and modify the permissions on a Delta table. References:

* Data Explorer

* Access control for Delta tables

* SHOW GRANT

* [GRANT]
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The correct command to grant the necessary permission on the entire database to the new team
is to use the GRANT USAGE command. The GRANT USAGE command grants the principal the
ability to access the securable object, such as a database, schema, or table. In this case, the
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securable object is the database customers, and the principal is the group team. By granting
usage on the database, the team will be able to see what tables already exist in the database.
Option E is the only option that uses the correct syntax and the correct privilege type for this
scenario. Option A uses the wrong privilege type (VIEW) and the wrong securable object
(CATALOG). Option B uses the wrong privilege type (CREATE), which would allow the team to
create new tables in the database, but not necessarily see the existing ones. Option C uses the
wrong securable object (CATALOG) and the wrong principal (customers). Option D uses the
wrong securable object (team) and the wrong principal (customers). References: GRANT,
Privilege types, Securable objects, Principals
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One of the features of DLT is that it provides data quality metrics for each dataset in the pipeline,
such as the number of records that pass or fail expectations, the number of records that are
dropped, and the number of records that are written to the target. These metrics can be accessed
from the DLT pipeline page, where the data engineer can click on each table and view the data
quality statistics for the latest update or any previous update. This way, they can identify which
table is dropping the records and why. References:

* Monitor Delta Live Tables pipelines

* Manage data quality with Delta Live Tables
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The keyword that can be used to compact the small files associated with a Delta table is
OPTIMIZE. The OPTIMIZE command performs file compaction on a Delta table by rewriting a set
of small files into a set of larger files1. This can improve the performance of queries that scan the
table by reducing the number of files that need to be read and the amount of metadata that needs
to be processed1. The OPTIMIZE command can also optionally sort the data within each file by a
given set of columns, which can further improve the query performance by enabling data skipping
and predicate pushdown1. The OPTIMIZE command can be applied to the whole table or to a
specific partition of the table1.

The other keywords are not suitable for compacting the small files associated with a Delta table.
REDUCE is a keyword used in the SQL syntax for aggregating data using a user-defined
function2. COMPACTION is not a valid keyword in SQL or Python. REPARTITION is a keyword
used in the Python syntax for changing the number of partitions of a DataFrame or an RDD3.
VACUUM is a keyword used to remove files that are no longer referenced by a Delta table and
are older than a retention threshold4.

1: OPTIMIZE | Databricks on AWS
2: REDUCE | Databricks on AWS
3: repartition | Databricks on AWS
4: VACUUM | Databricks on AWS
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A streaming live table or view processes data that has been added only since the last pipeline
update.

Streaming tables and views are stateful; if the defining query changes, new data will be
processed based on the new query and existing data is not recomputed. This is useful when data
needs to be processed incrementally, such as when ingesting streaming data sources or
performing incremental loads from batch data sources. A live table or view, on the other hand,
may be entirely computed when possible to optimize computation resources and time. This is
suitable when data needs to be processed in full, such as when performing complex
transformations or aggregations that require scanning all the data. References: Difference
between LIVE TABLE and STREAMING LIVE TABLE, CREATE STREAMING TABLE, Load data
using streaming tables in Databricks SQL.
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A data lakehouse is a new paradigm that can be used to simplify and unify siloed data
architectures that are specialized for specific use cases. A data lakehouse combines the best of
both data lakes and data warehouses, providing a single platform that supports diverse data
types, open standards, low-cost storage, high- performance queries, ACID transactions, schema
enforcement, and governance. A data lakehouse enables data engineers to build reliable and
scalable data pipelines that can serve various downstream applications and users, such as data
science, machine learning, analytics, and reporting. A data lakehouse leverages the power of
Delta Lake, a storage layer that brings reliability and performance to data lakes. References:
What is a data lakehouse?, Delta Lake, Lakehouse: A New Generation of Open Platforms that
Unify Data Warehousing and Advanced Analytics
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To set up the new task to run a new notebook prior to the original task in a single-task Job, the
data engineer can use the following approach: In the existing Job, create a new task that
corresponds to the new notebook that needs to be run. Set up the new task with the appropriate
configuration, specifying the notebook to be executed and any necessary parameters or
dependencies. Once the new task is created, designate it as a dependency of the original task in
the Job configuration. This ensures that the new task is executed before the original task.
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In Production mode, the pipeline runs continuously and updates the output tables whenever new
data is available in the input sources. The compute resources are allocated on demand and
released when the pipeline is stopped. This mode is suitable for production workloads that require
high availability and reliability. References: Configure pipeline settings for Delta Live Tables,
Tutorial: Run your first Delta Live Tables pipeline, Building Reliable Data Pipelines Using
DataBricks' Delta Live Tables
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To grant full privileges on a table such as 'sales' to a group like 'team’, the correct SQL command
in Databricks is:

GRANT ALL PRIVILEGES ON TABLE sales TO team;
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This command assigns all available privileges, including SELECT, INSERT, UPDATE, DELETE,
and any other data manipulation or definition actions, to the specified team. This is typically
necessary when a team needs full control over a table to manage and manipulate it as part of a
project or ongoing maintenance.

References:Databricks documentation on SQL permissions: SQL Permissions in Databricks
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https://www.databricks.com/blog/2021/10/20/introducing-sql-user-defined-functions.html
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One of the benefits of the Databricks Lakehouse Platform embracing open source technologies is
that it avoids vendor lock-in. This means that customers can use the same open source tools and
frameworks across different cloud providers, and migrate their data and workloads without being
tied to a specific vendor. The Databricks Lakehouse Platform is built on open source projects
such as Apache Spark, Delta Lake, MLflow, and Redash, which are widely used and trusted by
millions of developers. By supporting these open source technologies, the Databricks Lakehouse
Platform enables customers to leverage the innovation and community of the open source
ecosystem, and avoid the risk of being locked into proprietary or closed solutions. The other
options are either not related to open source technologies (A, B, C, D), or not benefits of the
Databricks Lakehouse Platform (A, B). References: Databricks Documentation - Built on open
source, Databricks Documentation - What is the Lakehouse Platform?, Databricks Blog -
Introducing the Databricks Lakehouse Platform.
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url "jdbc:sqlite:/customers.db", dbtable "customer360"

)
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To create a table in Databricks using data from an SQLite database, the correct syntax involves
specifying the format of the data source. The format in the case of using JDBC (Java Database
Connectivity) with SQLite is specified by the org.apache.spark.sql.jdbc format. This format allows
Spark to interface with various relational databases through JDBC. Here is how the command
should be structured:

CREATE TABLE jdbc_customer360

USING org.apache.spark.sql.jdbc

OPTIONS (

url "jdbc:sqlite:/customers.db”,

dbtable "customer360"

)

The USING org.apache.spark.sql.jdbc line specifies that the JDBC data source is being used,
enabling Spark to interact with the SQLite database via JDBC.

References:Databricks documentation on JDBC: Connecting to SQL Databases using JDBC
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Option C is the correct answer because Parquet files have a well-defined schema that is
embedded within the data itself. This means that the data types and column names of the
Parquet files are automatically detected and preserved when creating an external table from
them. This also enables the use of SQL and other structured query languages to access and
analyze the data. CSV files, on the other hand, do not have a schema embedded in them, and
require specifying the schema explicitly or inferring it from the data when creating an external
table from them. This can lead to errors or inconsistencies in the data types and column names,
and also increase the processing time and complexity.

CREATE TABLE AS SELECT, Parquet Files, CSV Files, Parquet vs. CSV
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The spark.sgl method can be used to execute SQL queries programmatically and return the result
as a DataFrame. The spark.sgl method accepts a string argument that contains a valid SQL
statement. The data engineer can use a formatted string literal (f-string) to insert the Python
variable table_name into the SQL query. The other methods are either invalid or not suitable for
running SQL queries. References: Running SQL Queries Programmatically, Formatted string
literals, spark.sq|l
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The array functions from Spark SQL are a subset of the collection functions that operate on array
columns1. They provide an ability to work with complex, nested data ingested from JSON files or
other sources2. For example, the explode function can be used to transform an array column into
multiple rows, one for each element in the array3. The array_contains function can be used to
check if a value is present in an array column4. The array_join function can be used to
concatenate all elements of an array column with a delimiter. These functions can be useful for
processing JSON data that may have nested arrays or objects. References: 1: Spark SQL, Built-
in Functions - Apache Spark 2: Spark SQL Array Functions Complete List - Spark By Examples 3:
Spark SQL Array Functions - Syntax and Examples - DWgeek.

com 4: Spark SQL, Built-in Functions - Apache Spark : Spark SQL, Built-in Functions - Apache
Spark :

[Working with Nested Data Using Higher Order Functions in SQL on Databricks - The Databricks
Blog]
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The spark.sgl method can be used to execute SQL queries programmatically and return the result
as a DataFrame. The spark.sgl method accepts a string argument that contains a valid SQL
statement. The data engineer can use a formatted string literal (f-string) to insert the Python
variable table_name into the SQL query. The other methods are either invalid or not suitable for
running SQL queries. References: Running SQL Queries Programmatically, Formatted string
literals, spark.sq|l
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In Databricks SQL, you can use scheduled query executions to update your dashboards or
enable routine alerts. By default, your queries do not have a schedule. To set the schedule, you
can use the dropdown pickers to specify the frequency, period, starting time, and time zone. You
can also choose to end the schedule on a certain date by selecting the End date checkbox and
picking a date from the calendar. This way, you can ensure that the query does not run beyond
the first week of the project's release and does not incur any additional cost. Option A is incorrect,
as setting a limit to the number of DBUs does not stop the query from running. Option B is
incorrect, as there is no option to end the schedule after a certain number of refreshes.

Option C is incorrect, as there is a way to ensure the query does not cost the organization money
beyond the first week of the project's release. Option D is incorrect, as setting a limit to the
number of individuals who can manage the query's refresh schedule does not affect the query's
execution or cost. References: Schedule a query, Schedule a query - Azure Databricks -
Databricks SQL
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Bronze tables are the first layer of a medallion architecture, which is a data design pattern used to
organize data in a lakehouse. Bronze tables contain raw data ingested from various sources,
such as RDBMS data, JSON files, loT data, etc. The table structures in this layer correspond to
the source system table structures

"as-is", along with any additional metadata columns that capture the load date/time, process ID,
etc. The only transformation applied to the raw data in this layer is to apply a schema, which
defines the column names and data types of the table. The schema can be inferred from the data
source or specified explicitly. Applying a schema to the raw data enables the use of SQL and
other structured query languages to access and analyze the data. Therefore, option E is the
correct answer. References: What is a Medallion Architecture?, Raw Data Ingestion into Delta
Lake Bronze tables using Azure Synapse Mapping Data Flow, Apache Spark + Delta Lake
concepts, Delta Lake Architecture & Azure Databricks Workspace.
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A table is a data entity that is stored in a physical location and can be accessed by other data
engineers in other sessions. A table can be created from one or more tables using the CREATE
TABLE or CREATE TABLE AS SELECT commands. A table can also be registered from an
existing DataFrame using the spark.
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catalog.createTable method. A table can be queried using SQL or DataFrame APlIs. A table can
also be updated, deleted, or appended using the MERGE INTO command or the DeltaTable API.
References:

* Create a table

* Create a table from a query result

* Register a table from a DataFrame

* [Query a table]

* [Update, delete, or merge into a table]
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A. all_transactions 7— 7 )L % CREATE ¥ %

march_transactions A\ 5 * %3#iR

RER$E4S SELECT * FROM april_transactions;

B. all_transactions T—JI)LZ{EK T %

march_transactions A\ 5 * %#EiR

UNION SELECT * FROM april_transactions;

C. all_transactions T—JILEEK T 5

march_transactions H\ 5 * #34R

5L &f#E4S SELECT * FROM april_transactions;

D. all_transactions T—JI)LZ{EK T %

march_transactions A 5 * %3#EiR

INTERSECT SELECT * from april_transactions;

E.dRTDIS oYU 30&T—TILELTHERT S

march_transactions hv 5 * Z3E4R

MERGE SELECT * FROM april_transactions;

Ffa:B(aAV FEEKRT D)

The correct command to create a new table that contains all records from two tables without

duplicate records is to use the UNION operator. The UNION operator combines the results of two

queries and removes any duplicate rows. The INNER JOIN, OUTER JOIN, and MERGE

operators do not remove duplicate rows, and the INTERSECT operator only returns the rows that

are common to both tables. Therefore, option B is the only correct answer. References:

Databricks SQL Reference - UNION, Databricks SQL Reference - JOIN, Databricks SQL

Reference - MERGE, [Databricks SQL Reference - INTERSECT]
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According to the medallion lakehouse architecture, gold tables are the final layer of data that
powers analytics, machine learning, and production applications. They are often highly refined
and aggregated, containing data that has been transformed into knowledge, rather than just
information. Silver tables, on the other hand, are the intermediate layer of data that represents a
validated, enriched version of the raw data from the bronze layer. They provide an enterprise view
of all its key business entities, concepts and transactions, but they may not have all the
aggregations and calculations that are required for specific use cases. Therefore, gold tables are
more likely to contain aggregations than silver tables. References:

* What is the medallion lakehouse architecture?

* What is a Medallion Architecture?
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Option C is the correct answer because Parquet files have a well-defined schema that is
embedded within the data itself. This means that the data types and column names of the
Parquet files are automatically detected and preserved when creating an external table from
them. This also enables the use of SQL and other structured query languages to access and
analyze the data. CSV files, on the other hand, do not have a schema embedded in them, and
require specifying the schema explicitly or inferring it from the data when creating an external
table from them. This can lead to errors or inconsistencies in the data types and column names,
and also increase the processing time and complexity.

CREATE TABLE AS SELECT, Parquet Files, CSV Files, Parquet vs. CSV
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A serverless SQL endpoint is a compute resource that is automatically managed by Databricks
and scales up or down based on the workload. A serverless SQL endpoint can be used to run
queries and dashboards without requiring manual configuration or management. A serverless
SQL endpoint is only active when it is needed and shuts down automatically when idle,
minimizing the total running time and cost. A serverless SQL endpoint can be created and
assigned to a dashboard using the Databricks SQL Ul or the SQL Analytics API. References:

* Create a serverless SQL endpoint

* Assign a SQL endpoint to a dashboard

* SQL Analytics API
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The COPY INTO statement is an idempotent operation, which means that it will skip any files that
have already been loaded into the target table1. This ensures that the data is not duplicated or
corrupted by multiple attempts to load the same file. Therefore, if the data engineer runs the same
command every day without specifying the names of the files to be copied with the FILES
keyword or a glob pattern with the PATTERN keyword, the statement will only copy the first file
that matches the source location and ignore the rest. To avoid this problem, the data engineer
should either use the FILES or PATTERN keywords to filter the files to be copied based on the
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date or some other criteria, or delete the files from the source location after they are copied into
the table2. References: 1: COPY INTO | Databricks on AWS 2: Get started using COPY INTO to
load data | Databricks on AWS
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The best practice is to use "Complete" as output mode instead of "append" when working with
aggregated tables. Since gold layer is work final aggregated tables, the only option with output
mode as complete is option E.
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A webhook alert destination is a notification destination that allows Databricks to send HTTP
POST requests to a third-party endpoint when an alert is triggered. This enables the data
engineer to integrate Databricks alerts with their preferred messaging or collaboration platform,
such as Slack, Microsoft Teams, or PagerDuty. To set up a webhook alert destination, the data
engineer needs to create and configure a webhook connector in their messaging platform, and
then add the webhook URL to the Databricks notification destination. After that, the data engineer
can create an alert for their Databricks SQL query, and select the webhook alert destination as
the notification destination. The alert can be configured with a custom condition, such as when
the number of stores with $0 in sales is greater than zero, and a custom message template, such
as "Alert: {number_of stores} stores have $0 in sales". The alert can also be configured with a
recurrence interval, such as every hour, to check the query result periodically. When the alert
condition is met, the data engineer and their team will receive a notification via the messaging
webhook, with the custom message and a link to the Databricks SQL query. The other options
are either not suitable for sending notifications via a messaging webhook (A, B, E), or not suitable
for sending recurring notifications . References: Databricks Documentation - Manage notification
destinations, Databricks Documentation - Create alerts for Databricks SQL queries, Databricks
Documentation - Configure alert conditions and messages.
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A. INSERT INTO my_table VALUES ('a1', 6, 9.4)

B. my_table UNION VALUES (‘a1', 6, 9.4)

C. INSERT VALUES ('a1', 6, 9.4) INTO my_table

D. UPDATE my_table VALUES (‘a1', 6, 9.4)

E. UPDATE VALUES (‘a1', 6, 9.4) my_table
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To append a new record to an existing Delta table, you can use the INSERT INTO statement with
the VALUES clause. This statement will insert one or more rows into the table with the specified
values.

Option A is the only code block that follows this syntax correctly. Option B is incorrect, as it uses
the UNION operator, which will return a new table that is the union of two tables, not append to an
existing table. Option C is incorrect, as it uses the INSERT VALUES statement, which is not a
valid SQL syntax.
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Option D is incorrect, as it uses the UPDATE statement, which will modify existing rows in the
table, not append new rows. Option E is incorrect, as it uses the UPDATE VALUES statement,
which is also not a valid SQL syntax. References: Insert data into a table using SQL | Databricks
on AWS, Insert data into a table using SQL - Azure Databricks, Delta Lake Quickstart - Azure
Databricks
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To grant full permissions on a table to a user or a group, you can use the GRANT ALL
PRIVILEGES ON TABLE statement. This statement will grant all the possible privileges on the
table, such as SELECT, CREATE, MODIFY, DROP, ALTER, etc. Option A is the only code block
that follows this syntax correctly. Option B is incorrect, as it does not grant all the possible
privileges on the table, but only a subset of them. Option C is incorrect, as it only grants the
SELECT privilege on the table, which is not enough to fully manage the project. Option D is
incorrect, as it grants the USAGE privilege on the table, which is not a valid privilege for tables.
Option E is incorrect, as it grants all the privileges on the table team to the user or group sales,
which is the opposite of what the question asks. References: Grant privileges on a table using

m.U.Opu
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SQL | Databricks on AWS, Grant privileges on a table using SQL - Azure Databricks, SQL
Privileges - Databricks
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A. NEREFRE(1)

B. k') 77—(availableNow=True)

C. k') #i—(parallelBatch=True)

D. k1) AA—(AEERFRE="1[E]")

E. M) A—(GE#E="11")
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https://spark.apache.org/docs/latest/api/python/reference/pyspark.ss/api/pyspark.sql.streaming.
DataStreamWriter.trigger.html
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Option D is the correct answer because it enables the Serverless feature for the SQL endpoint,
which allows the endpoint to automatically scale up and down based on the query load. This way,
the endpoint can handle more concurrent queries and reduce the time it takes to return results.
The Serverless feature also reduces the cold start time of the endpoint, which is the time it takes
to start the cluster when a query is submitted to a non- running endpoint. The Serverless feature
is available for both AWS and Azure Databricks platforms.

Databricks SQL Serverless, Serverless SQL endpoints, New Performance Improvements in
Databricks SQL
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The MERGE command can be used to upsert data from a source table, view, or DataFrame into
a target Delta table. It allows you to specify conditions for matching and updating existing records,
and inserting new records when no match is found. This way, you can avoid writing duplicate
records into a Delta table1. The other commands (DROP, IGNORE, APPEND, INSERT) do not
have this functionality and may result in duplicate records or data loss234. References: 1: Upsert
into a Delta Lake table using merge | Databricks on AWS 2: SQL DELETE | Databricks on AWS
3: SQL INSERT INTO | Databricks on AWS 4: SQL UPDATE

| Databricks on AWS
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To read from a stream source, the data engineer needs to use the spark.readStream method
instead of the spark.

read method. The spark.readStream method returns a DataStreamReader object that can be
used to specify the details of the input source, such as the format, the schema, the path, and the
options. The spark.read method is only suitable for batch processing, not streaming processing.
The other changes are not necessary or correct for reading from a stream source. References:
Structured Streaming Programming Guide, Read a stream, Databricks Data Sources
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The scenario in which a data engineer will want to use a single-node cluster is when they are
working interactively with a small amount of data. A single-node cluster is a cluster consisting of
an Apache Spark driver and no Spark workers1. A single-node cluster supports Spark jobs and all
Spark data sources, including Delta Lake1. A single-node cluster is helpful for single-node
machine learning workloads that use Spark to load and save data, and for lightweight exploratory
data analysis1. A single-node cluster can run Spark locally, spawn one executor thread per
logical core in the cluster, and save all log output in the driver log1. A single-node cluster can be
created by selecting the Single Node button when configuring a cluster1.

The other options are not suitable for using a single-node cluster. When running automated
reports to be refreshed as quickly as possible, a data engineer will want to use a multi-node
cluster that can scale up and down automatically based on the workload demand2. When working
with SQL within Databricks SQL, a data engineer will want to use a SQL Endpoint that can
execute SQL queries on a serverless pool or an existing cluster3. When concerned about the
ability to automatically scale with larger data, a data engineer will want to use a multi-node cluster
that can leverage the Databricks Lakehouse Platform and the Delta Engine to handle large-scale
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data processing efficiently and reliably4. When manually running reports with a large amount of
data, a data engineer will want to use a multi-node cluster that can distribute the computation
across multiple workers and leverage the Spark Ul to monitor the performance and troubleshoot
the issues.

1: Single Node clusters | Databricks on AWS

2: Autoscaling | Databricks on AWS

3: SQL Endpoints | Databricks on AWS

4: Databricks Lakehouse Platform | Databricks on AWS
5: [Spark Ul | Databricks on AWS]
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Delta Lake is the optimized storage layer that provides the foundation for storing data and tables
in the Databricks lakehouse. Delta Lake is fully compatible with Apache Spark APIs, and was
developed for tight integration with Structured Streaming, allowing you to easily use a single copy
of data for both batch and streaming operations and providing incremental processing at scale1.
Delta Lake supports upserts using the merge operation, which enables you to efficiently update
existing data or insert new data into your Delta tables2. Delta Lake also provides time travel
capabilities, which allow you to query previous versions of your data or roll back to a specific point
in time3. References: 1: What is Delta Lake? | Databricks on AWS 2: Upsert into a table using
merge | Databricks on AWS 3: [Query an older snapshot of a table (time travel) | Databricks on
AWS] Learn more
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